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ARTICLE INFO ABSTRACT

JEL classification: Despite the widespread use of mobile technologies, the adoption and ongoing use of mobile banking apps in
G21 developing countries like Zimbabwe remain limited. This research aims to identify the factors affecting people’s

D12 intention to adopt and continue to use mobile banking apps, addressing the gap in context-specific studies and
]?:: the low bank penetration rates, despite high mobile device usage. Using the Unified Theory of Acceptance and
M31 Use of Technology (UTAUT), the Theory of Planned Behaviour (TPB), and the User Experience (UX) model, the
Keywords: study explored how factors such as effort expectancy, social influence, perceived enjoyment, user experience,

perceived interaction, trust, and risk influence user behaviour. Data were gathered from 377 mobile banking
users in Zimbabwe through a quantitative survey, and Structural Equation Modelling (PLS-SEM) was employed
for data analysis. The findings show that effort expectancy, perceived enjoyment, perceived interaction, and
perceived risk significantly impact the intention to use mobile banking apps. In contrast, social influence, user
experience, and perceived trust do not have a significant effect. Additionally, the intention to use, perceived
trust, and perceived risk significantly affect continued usage. Continued use, in its turn, enhances customer
loyalty and electronic word of mouth (e-WOM). These findings are useful for mobile app developers and bank
managers looking to increase client retention and service quality in contexts characterised by low levels of trust
and high levels of risk. The study enhances previous literature by providing an empirically-verified paradigm for
understanding digital banking behaviour in underdeveloped economies and emphasises the specific factors
impacting mobile financial service uptake in Zimbabwe.

Mobile banking application
Technology acceptance
Continued usage

Digital behaviour
Zimbabwe

1. Introduction Chawla & Joshi, 2017). The banking sector is expanding rapidly due to

the internet (Khan & Khan, 2012), propelling industry into a trajectory

Information technology (IT) advancements are the driving force
behind the rapid growth of mobile banking, also known as m-banking
(Shankar et al., 2020). This growth aligns with the expectations of the
Fourth Industrial Revolution (4IR) (Maziriri et al., 2025; Wasiq et al.,
2024). Hanelt et al. (2015) and Crolic et al. (2022) emphasise the
importance of this alignment for the ongoing transition into banking and
finance digitisation. Customers can use m-banking, an innovative elec-
tronic channel, to interact with banks using a mobile device, such as a
smartphone or personal digital assistant (PDA) (Bashar et al., 2024;

of significant growth and paving the way for research into mobile
banking applications (Maziriri et al., 2025; Nyagadza, 2022). Juniper
Research projected that by 2024, there will be two billion m-banking
customers worldwide (Maynard, 2020). In Zimbabwe, mobile banking
apps such as Econet Wireless’ Ecocash, NetOne Wireless’ OneMoney,
CABS’ TextaCash, FBC’s Mobile Moola, and CBZ Bank’s Touch
m-banking app are promoting the marketing of financial services and
fostering financial equality, diversity, and inclusivity. Despite Zim-
babwe’s current 103 percent mobile penetration and a global mobile
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penetration rate of 78.2 percent (Tsokota et al., 2022), the acceptance of
m-banking is still low, with a bancarisation rate of only 9 % (Nyagadza,
2022; Wasiq et al., 2024). In Zimbabwe, both state-owned and private
banks are on a strategic path towards digital financial inclusion by
developing mobile banking applications, with a view to easing pressure
on access to financial services and digital transactions (Reserve Bank of
Zimbabwe, 2025). Privately-owned banks are currently more advanced
in terms of IT readiness, customer experience (UX), and real-time
technological advancements than state-owned ones. This is because
state-owned banks typically prioritise basic infrastructure over innova-
tion cycles. As of mid-2024, according to a Reserve Bank of Zimbabwe
(RBZ) report, there are eight registered state-owned banks, including
AFC Commercial Bank, People’s Own Savings Bank (POSB), National
Building Society (NBS), and Infrastructure Development Bank of
Zimbabwe (IDBZ), among others. There are 19 privately-owned banks,
which include, but are not limited to, CBZ Bank, FBC Bank, CABS, ZB
Bank, First Capital Bank, NMB Bank, Ecobank, Metbank, BancABC,
among others (Reserve Bank of Zimbabwe, 2024).

The growth of mobile banking, or m-banking, has been fuelled by the
increasing demand for personalised and self-service products and ser-
vices. Leti¢ has noted that this trend has been seen not only globally, but
also locally, in Zimbabwe (2020). This increase is attributed to the
proliferation of smart mobile phones and advancements in wireless
technologies, which have made mobile banking and financial services
marketing operations more prevalent in Zimbabwe. The overall number
of m-banking members, which increased from 13,191,708.000 in
December 2020 to 14,257,590.000 at the end of December 2021, is
testimony of this (CEIC, 2021). It is worth noting that the number of
active mobile financial service users exceeded 4 million by the end of
2021, demonstrating the expansion of the financial inclusion ecosystem
(Reserve Bank of Zimbabwe [RBZ], 2022; Nyagadza, 2022).

In 1991, Zimbabwe’s financial sector was liberalised, allowing new
players to enter the banking industry and removing regulatory hurdles,
thereby increasing competition and efficiency (Sanderson and Pierrle le
Roux, 2017). According to Ajisafe and Ajide (2014), banking competi-
tion in Zimbabwe promotes stronger economic growth and paves the
way for industrial expansion, resulting in a wide range of mobile
banking applications. There are approximately 17 million banking ap-
plications in Zimbabwe (Dzoma, 2019), but only 6,543,758 active
m-banking users, despite a 2.7 % growth in active mobile subscribers
from 12,853,615 in the third quarter of 2019 to 13,195,902 in the fourth
quarter of 2019 (POTRAZ, 2019). However, the number of mobile cus-
tomers fluctuated between 11 and 15 million by the end of 2022,
averaging 14.26 million (Statista, 2023). Based on previous research by
Chaouali and Souiden (2019), therefore, immediate adjustments are
necessary to support banking players in promoting the ongoing use of
their mobile banking applications. The benefits of mobile banking for
financial inclusion in Zimbabwe include, but are not limited to, the
empowerment of women, youth and informal workers and entrepre-
neurs by paving the way for financial management freedom, market
expansion and innovation for mobile network operators (Nefla & Jel-
louli, 2025), resilience and tax revenue generation, and policy leverage
for the government and the economy (Kumari & Kulkarni, 2025). Gov-
ernment policies are found to be insufficient to support users’ literacy,
however, and regulations are required to strengthen or protect users’
interests. One potential constraint currently affecting users of mobile
banking applications is limited digital literacy. Indeed, many users of
banking applications in rural areas face numerous problems navigating
digital mobile banking applications for lack of skills necessary to do so
(Olaoye et al., 2025). In addition, inconsistent internet connectivity in
remote areas hinders effective access to mobile financial services, and
high transaction costs are prohibitive for low-income users (Valera et al.,
2024). There are also trust and security concerns (such as fear of scams,
fraud, and data breach), regulatory disruptions, age and gender barriers,
with women and elderly people frequently facing serious challenges
such as limited access to technology, social norms and low literacy
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levels. The implications, in terms of financial inclusion, for users include
more savings, access to credit and payment services, enhanced financial
independence, although there might be risk of exclusion if problematic
issues relating to infrastructure (Arnold, 2024) and digital literacy
(Nyawo, 2025) are not addressed. For the financial sector, there is room
to expand into untapped ‘blue oceans’ markets, with digital frugal
innovation in financial products (Nyagadza & Bashar, 2025, p. 339).
However, challenges could include the move towards investment in
cybersecurity, mobile user education, and rural digital infrastructure
(Langevin et al., 2025). For the government, promoting the move to-
wards the continued use of mobile banking applications for financial
inclusion has positive implications in terms of flexibility to deliver social
services digitally, good revenue from taxes, and financial transparency,
stimulation of entrepreneurship (Chen & Tran, 2025), savings and in-
vestment for the economy (Svotwa et al., 2025). However, if the in-
equalities persist, this may deepen problems relating to socio-economic
divides (Khan et al., 2025). There is need for consumer protection, in-
clusive financial policies, and digital infrastructural development by the
government so as to ensure economic ‘prosperity for posterity’.

This study on the purpose and ongoing use of m-banking applications
in Zimbabwe is highly relevant. The study objective is to evaluate con-
structs derived from theoretical models such as the Theory of Planned
Behaviour, the Unified Theory of Acceptance and Use of Technology
(UTAUT), and the User Experience (UX) model. These constructs include
effort expectancy, social influence, user experience, perceived enjoy-
ment, perceived interaction, intention to use, electronic word-of-mouth
(e-WOM), and loyalty (Fishbein & Ajzen, 1977; Venkatesh et al., 2003).
The theoretical gap exposed — by comparing the current study to pre-
vious research that used different frameworks like Innovation Diffusion
Theory (IDT), Decomposed Theory of Planned Behaviour (DTPB),
among others from Information systems (ISs) and Information and
Communications Technology, demonstrates that the theoretical frame-
work adopted in the present study is well aligned with its objectives.
This comparison highlights superior relevance, practical applicability,
and contextual adequacy of the framework used in this study.

The following were some of the study’s empirical goals:

e To determine the impact of effort expectancy, social influence, perceived
enjoyment, user experience and perceived interaction on the intention to
use m-banking applications.

o The examine impact of continued usage on m-banking applications on e-
WOM and loyalty.

Structurally, this article begins with an introduction, followed by a
review of the literature, including theoretical and empirical research, to
clarify the relationship between theory and practice. The third section
presents background information on research and methodology. The
data analysis, discussions, implications, and the conclusion are pre-
sented thereafter. The article ends with significant findings, suggestions
for further research, and constraints.

2. Research gaps

There is a dearth of research on factors influencing the intention to
use mobile banking applications and the impact of continuous usage on
customer loyalty in Zimbabwe. Further scholarly investigation in this
area is therefore needed. Most existing research has focused on countries
such as the UK, Malaysia, Finland, Jordan, and Lebanon. Abu-Taieh
et al. (2022), for example, combined different theories and service
quality to study the intention to continue using mobile banking in Jor-
dan. Shaikh and Karjaluoto (2016), meanwhile, conducted a study in
Finland to examine the impact of mobile banking application usage on
customer-bank relationships. In a similar vein, Foroughi et al. (2019)
investigated the influence of self-efficacy and channel choice on people’s
decision to continue using mobile banking in Malaysia. Additionally,
Merhi et al. (2019) expanded upon the Unified Theory of Acceptance
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and Use of Technology (UTAUT2) to explore the variables of trust, se-
curity, and privacy that affect the adoption of mobile banking services in
Lebanon and the UK. There is limited evidence from these studies on
how factors such as effort expectancy, social influence, perceived
enjoyment, user experience, and perceived interaction impact a person’s
intention to use m-banking applications, and how the continuous use of
these apps affects word-of-mouth (WOM) and customer loyalty in
Zimbabwe. This lack of research extends to developing nations as a
whole, including Zimbabwe. Further examination of this
under-researched area is therefore warranted.

Zimbabwean scholars have conducted various studies in different
areas associated with mobile applications. Makanyeza (2017), for
example, studied the factors influencing consumers’ intention to adopt
mobile banking services in Zimbabwe. However, this study did not focus
solely on mobile banking applications. Another survey by Mago and
Chitokwindo (2014) focused on the impact of mobile banking on
financial inclusion in Zimbabwe, while a study by Mavhiki et al. (2015)
examined the effect of mobile banking on traditional banking practices
in Zimbabwe. Muzurura et al. (2021), meanwhile, investigated the de-
terminants of mobile learning systems adoption in rural secondary
schools in Zimbabwe. Additionally, Tsokota et al. (2022) conducted a
study to identify the security, trust, and other factors influencing users’
adoption of the CBZ Touch banking application. Based on their findings,
they developed a plan to increase users’ adoption of the application.
From both international and local studies mentioned above, it can be
observed that there is indeed a scarcity of research on the effects of effort
expectancy, social influence, perceived enjoyment, user experience, and
perceived interaction on the intention to use mobile banking applica-
tions, as well as the effects of continuous use of these applications on
word-of-mouth and customer loyalty in Zimbabwe.

It would be naive to assume that research from countries like the UK,
Finland, Malaysia, Jordan, and Lebanon would be directly applicable to
Africa. Indeed, research on the impact of factors such as effort expec-
tancy, social influence, perceived enjoyment, user experience, and
perceived interaction on the intention to use mobile banking applica-
tions, as well as the long-term effects of application usage on word-of-
mouth and customer loyalty in an African context may well yield
different results from studies conducted in other parts of the world.
Therefore, it is necessary to conduct this type of research so as to confirm
or refute the findings of earlier studies, with particular reference to
Zimbabwe. Studies focusing on the Zimbabwe context are very limited,
making this study, which focuses on customers in a developing nation,
necessary to fill the gap. The theoretical and practical insights provided
by this innovative study will propel future scholarly research in this
field.

3. Research context

3.1. Understanding the phenomenon: “the customer’s quest to manage
funds digitally”

In recent years, customers in Zimbabwe have increasingly turned to
digital money management through mobile banking applications
(Tsokota et al., 2022). This trend reflects a growing preference for mo-
bile banking apps over traditional banking methods in managing fi-
nances and conducting transactions (Manyeruke, 2018). The
convenience and accessibility offered by mobile banking applications
are key factors driving this shift. Customers no longer need to visit
physical bank branches to access their accounts or complete trans-
actions, which is particularly important in Zimbabwe, where many
people, especially those residing in rural areas, have limited access to
traditional banking services (Manyeruke, 2018).

The popularity of mobile banking apps in Zimbabwe is attributed to
their affordability and ease of use (Mago & Chitokwindo, 2014; Mawere
et al., 2013). With the abundance of mobile banking apps, people can
now manage their accounts more affordably, as these apps facilitate free
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or low-cost transactions. Additionally, the user-friendly interfaces and
simple procedures of mobile banking apps make them more accessible to
those unfamiliar with traditional banking systems. The COVID-19
pandemic further contributed to the increased use of mobile banking
apps in Zimbabwe, as people were confined to their homes and
pandemic measures included avoiding crowded venues such as banks,
implementing lockdowns, and enforcing social distancing. As a result,
mobile banking apps have become more appealing. Generally speaking,
the customer’s quest to manage funds digitally in a Zimbabwean context
can be attributed to the convenience, accessibility, affordability,
user-friendliness, and security offered by mobile banking apps as
compared to traditional banking methods.

3.1.1. Theoretical premise

Many theories and models seek to predict and interpret human
behaviour. Deploying some of these in this study is essential since the
objective is to understand how customershow customers utilise mobile
banking applications in a challenging economic environment by inte-
grating various theoretical perspectives on innovation and technology
adoption. The study is primarily based on the User Experience (UX)
model, the Theory of Planned Behaviour (TPB), and the Unified Theory
of Acceptance and Use of Technology (UTAUT) because of their rele-
vance to the constructs and the proposed connections between them.
These theories will be discussed in the following sections.

3.2. The Unified Theory of acceptance and use of technology model

This study is grounded in the Unified Theory of Acceptance and Use
of Technology (UTAUT) paradigm. The UTAUT model, developed by
Venkatesh et al. (2003), explains users’ intentions to use an information
system and their subsequent behaviour. It demonstrates how social in-
fluence and effort expectancy impact behavioural intentions. The extent
to which a user perceives technology as beneficial is therefore linked to
their intention to use it (Venkatesh & Davis, 2000). Effort expectancy, as
defined by Venkatesh et al. (2003), refers to the ease of use of a system,
and can be traced back to TAM as perceived ease of use (Abubakar,
2013). In the TRA, TAM, and TPB models, social influence is the belief in
the importance of significant individuals’ opinions about adopting a
new system, also known as subjective norms (Abubakar, 2013; Nya-
gadza, 2022). This study posits that the intention to use and actual use of
m-banking applications are influenced by effort expectancy and social
influence. Furthermore, e-WOM resulting from an organisation’s tech-
nology, specifically mobile banking applications, is influenced by cus-
tomers’ perceived interactions and user experiences, as well as their
intention to use the technology in the future. See Fig. 1 for the UTAUT
diagram. The UTAUT model provides a deeper insight into the impact of
effort expectancy and social influence on the intention to use and
continued use of mobile banking applications in Zimbabwe. This un-
derstanding could be utilised to devise strategies to boost the adoption
and usage rates of these applications. For example, bank managers could
increase users’ willingness to adopt and sustain use of mobile banking
applications by simplifying the user experience and highlighting the
applications’ value through testimonials or endorsements.

3.3. User experience (UX) model

Hassenzahl (2008) discusses the concept of user experience (UX),
emphasising the importance of enjoyable social interactions as the
driving force behind technology use. He defines user experience as a
fleeting, subjective emotion that arises from using a product or service.
Additionally, Hassenzahl (2003) suggests that the user experience model
accounts for the unique characteristics of each user and the product
features that affect the user experience. The theoretical model of user
experience examines the product features that contribute to the overall
impression of the product. Han et al. (2018) also highlight the impor-
tance of designing goods and providing services that deliver positive,
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Fig. 1. Unified theory of acceptance and use of technology (UTAUT).
Source(s): Courtesy of Venkatesh et al. (2003).

pleasurable experiences by linking product features to perceptions and
experiences.

The user experience model acts as a framework for understanding
how user experience affects the intention to adopt and continue using
mobile banking applications in Zimbabwe. User-friendly, practical, and
positive experiences are more likely to keep users engaged, making user
experience a crucial factor in acceptance and usage rates. This model has
demonstrated how users’ intentions and long-term use of mobile
banking apps are shaped by their overall experience. By employing the
user experience model, mobile banking applications can be designed
and refined to improve user experience and boost adoption and usage
rates. See Fig. 2 for the user experience model.

3.4. The Theory of Planned Behaviour (TPB)

Goh et al. (2017) argue that the Theory of Planned Behaviour (TPB),
initially proposed by Ajzen (1985), is a rational decision-making model
that utilises three key independent variables to predict behavioural in-
tentions. TPB is defined as human behaviour guided by behavioural
intentions, attitudes, and control. People’s attitudes toward a specific
behaviour, their perception of the influence of others, and their sense of
behavioural control are examples of these behavioural intentions. Ac-
cording to Raygor (2016), the Theory of Planned Behaviour aims to

address various motivational components within unique settings in
order to explain the overall execution of a specific behaviour. Further-
more, as noted by Ajzen (2015), the TPB seeks to provide a compre-
hensive framework for understanding the factors influencing consumer
behaviour intentions. Given that some of the variables outlined in Fig. 3
are involved in the development of the hypothesis, the Theory of Plan-
ned Behaviour is relevant to the current study, because, for example, it
examines whether social factors influence the use of a mobile banking
application. Specifically, the inclusion of new predictor variables en-
hances the utility of the TPB in terms of its predictive power across
different domains (Wong et al., 2018). New components have been
added to the TPB model in an increasing number of studies (Jang et al.,
2015; Maichum et al., 2016; Read et al., 2013).

Dedeoglu et al. (2022) argue that the TPB is a valuable model for
understanding consumer behaviour and could be enhanced by incor-
porating new components. Ajzen (1985) propose integrating constructs
from the Technology Acceptance Model (TAM) to strengthen and
improve the TPB, allowing the model to predict consumer behaviour
across various information systems and technologies. Previous research
has focused on mobile technologies, adding variables such as compati-
bility, convenience, connectivity, perceived enjoyment, facilitating
conditions, perceived risks, and trust so as to enhance predictive power.
Studies by Gao et al. (2015), Kim et al. (2015), and others have
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Fig. 2. User experience model.
Source(s): Courtesy of Han et al. (2018).
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incorporated additional variables such as attitudes (ATT), perceived
usefulness (PU), and perceived ease of use (PEOU) into both the TAM
and TPB models (Ghazali et al., 2018; Yang, 2005). In other cases, the
integrated model has been used to examine adoption criteria for mobile
commerce and to understand IT acceptability by relevant experts (Mun
et al., 2006).

The difference between TAM and TPB stems from the fact that many
people react differently when deciding whether to accept new infor-
mation and communication technologies (ICTs). Their decisions are
based on perceived ease of use (PEOU) and perceived usefulness (PU)
(Venkatesh et al., 2012). However, these studies have failed to consider
the impact of factors such as trust, attitudes (ATT), and subjective norms
(SN) (Ghazali et al., 2018). Integrating characteristics like trust and
personal innovativeness (PI) with the TAM and TBP models requires the
development of a strong predictive model that can effectively measure
the adoption of m-banking, as demonstrated in the current study. This
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study extended the Theory of Planned Behaviour (TPB) to measure
consumers’ intentions to use mobile banking applications. The extended
model incorporated variables such as effort expectancy, social influence,
perceived enjoyment, user experience, perceived interaction, and the
traditional TPB construct (i.e., behavioural intention) (Wong et al.,
2014). The TPB is illustrated in Fig. 3.

4. Conceptual model and hypotheses formulation

The conceptual model illustrating the pathways and relationships
among the constructs under study is shown in Fig. 4. The research hy-
potheses will be presented in the sections thereafter.

4.1. Effort expectancy and the intention to use a mobile banking
application

The term "effort expectancy" refers to the ease of use of a system, and
specifically of m-banking apps (Venkatesh et al., 2003). Effort expec-
tancy, a component of the UTAUT model, has been used to analyse the
acceptance of technology in various industries, including healthcare
(Wang et al., 2020). The empirical findings of these studies emphasise
how user perceptions and the alignment of the task with the technology
impact customer acceptance of it. Therefore, customers’ willingness to
use a new system is greatly influenced by their perception of it as easy to
use and requiring minimal effort (Alalwan et al., 2018). For this reason,
examining the relationship between effort expectancy and intention to
use a mobile banking application would enhance our understanding of
the UTAUT model, providing evidence relating to the significance of
effort expectancy in technology adoption. This study aims to test the
following hypothesis:

H1. Effort expectancy has a positive and a significant impact on the
intention to use mobile banking applications.

4.2. Social influence and the intention to use a mobile banking application

The level of belief a person has in the idea that others expect them to
use new systems, such as m-banking applications, is referred to as social

Control variables:
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Fig. 4. Conceptual model.
Source(s): Figure developed by authors
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influence (Abubakar, 2013). The use of m-banking applications by in-
dividuals could be influenced by the values instilled by their family,
friends, and peers (Mokhtar et al., 2018). Previous research by Mokhtar
et al. (2018), Purwanto and Loisa (2020), and Yaseen and El Qirem
(2018) has shown a positive correlation between the intention to use
m-banking and social influence. This study aims to investigate the
following hypothesis:

H2. Social influence has a positive and significant impact on the
intention to use mobile banking applications.

4.3. Perceived enjoyment and the intention to use a mobile banking
application

Perceived enjoyment is the feeling of happiness and satisfaction
derived from using a system (Praveena & Thomas, 2014). Research by
Ukpabi et al. (2019) shows a positive correlation between behavioural
intention and happiness in m-banking. Avornyo et al. (2019) also found
that perceived enjoyment predicts the intention to continue using
m-banking. Therefore, this study proposes the following hypothesis:

H3. Perceived enjoyment has a positive and significant impact on the
intention to use mobile banking applications.

4.4. User experience and the intention to use a mobile banking application

User experience has garnered significant attention because it is said
to encompass every interaction between a user and a product, in this
case, mobile banking services (Schrepp et al., 2017). According to Wang
and Hsu (2019), consumers’ purchase intentions can be influenced by a
product’s perceived sustainable value and aesthetics, which could also
enhance the user experience. They conclude that aesthetics significantly
influences users’ intentions to use technology. As a result, user experi-
ence will play a key role in this study, which aims to determine the ease
of use of m-banking programmes and how this affects users’ intentions to
adopt and continue using them in Zimbabwe. Accordingly, the following
hypothesis is advanced:

H4. Customers’ user experience has a positive and significant impact
on the intention to use mobile banking applications

4.5. Perceived interaction and the intention to use a mobile banking
application

High levels of system engagement, defined here as m-banking
application interaction, are often associated with greater information
processing, continuous and instantaneous feedback, and smooth and
active user participation (Yang & Shen, 2018). Perceived interactivity
significantly influences attitudes toward mobile banking, with highly
engaged users finding mobile banking applications more helpful and
more likely to utilise them for banking services (Shankar et al., 2020).
According to Shankar’s (2021) empirical research, interactivity signifi-
cantly affects customer engagement with m-banking applications. The
purpose of this study is to understand how perceived contact influences
consumer user intentions. As a result, the research puts forth the
following hypothesis:

H5. Perceived interaction has a positive and significant impact on the
intention to use mobile banking applications.

4.6. The intention to use and continue to use mobile banking applications

A key component of the UTAUT model is behavioural intention,
which indicates how willing and committed people are to carry out the
underlying actions. Consequently, people are more likely to engage in
the underlying conduct when their intentions are stronger (Ajzen,
1991). According to Sharma and Sharma (2019), the decision to utilise
mobile banking serves as a crucial precondition for actually using the
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service. In this study, it refers to the purpose and ongoing use of
m-banking apps. The following hypothesis is put forth in this regard:

H6. Customers’ intention to use mobile banking applications has a
positive and significant impact on continued use of these applications.

4.7. Continued usage of the mobile banking applications, e-word of mouth
and loyalty

Recent years have seen a large amount of research on the impact of e-
WOM on consumers’ perceptions about utilising products and services
(Cheung & Thadani, 2012). Research by Farzin et al. (2021) clarifies the
relationship between intention to use m-banking and actual use
behaviour, and it also mediates how word-of-mouth affects actual use
behaviour. According to Shahid, Islam, and Hasan (2022), a substantial
correlation was found between customer loyalty and the customer’s
intention to continue using m-banking apps. In this case, ongoing use of
m-banking increases customer loyalty by improving the convenience,
efficiency, and personalisation of banking services (Murray, 2016). Two
further hypotheses are developed as follows, taking into account the
extra components (loyalty, e-WOM, and ongoing use of m-banking
applications):

H7. Customers’ continued usage of mobile banking applications has a
positive and significant impact on electronic Word of Mouth.

H8. Customers’ continued usage of mobile banking applications has a
positive and significant impact on loyalty.

4.8. Control variables

To mitigate any potential confounding influence on the empirical
results, perceived risk and perceived trust were incorporated as control
variables (Bernerth et al., 2018). According to Bernerth et al. (2018), the
role of control variables is to eliminate error in research, enhance the
quality of observed relationships among variables of interest, offer
programmatic efforts to elucidate the reasons behind observed results,
and facilitate the accurate interpretation of findings. In this study,
perceived danger and perceived trust are the two control variables
included to account for potential competing reasons for the intention to
use and the ongoing use of mobile applications. Previous studies by
Zalloum et al. (2019), Thusi et al. (2019), Van et al. (2020), and Mala-
quias and Hwang (2016) have also included perceived risk and
perceived trust as control variables to examine their effects on the
intention to continue using mobile banking.

5. Methodology

This study used a quantitative research design and embraced a
positivist philosophy. It was possible to collect data on expectations
regarding effort, social impact, perceived enjoyment, user experience,
intention to use, continued use, perceived danger, perceived trust, e-
WOM, and loyalty using the selected design. This method also made it
easier to examine the connections between the constructions being
studied.

5.1. Sampling procedure and characteristics

The study focused primarily on users of mobile banking apps from
Zimbabwean banks across major cities (i.e., Harare, Bulawayo, Mutare,
Gweru, Kwekwe, Kadoma, Chinhoyi, and Masvingo) in Zimbabwe.
These participants had to fulfil two requirements: be at least 18 years old
and have transacted through a mobile banking app from a Zimbabwean
bank within the previous 12 months. In this study, a non-probability
sampling technique known as convenience sampling was employed.
Convenience sampling is the process of choosing a readily available
sample (Malhotra, 2019). Because the sample of Zimbabwean mobile
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banking app users faced comparable circumstances in a highly
competitive industry, this approach was deemed appropriate (Malhotra,
2019). Convenience sampling was also considered to be efficient and
reasonably priced. The broad and diversified population of mobile
banking app users in Zimbabwe made other non-probability sampling
techniques, such as snowball sampling, inappropriate for this study. For
the online survey, it was made very clear that the anonymity of the study
participants would be maintained and that the study was being con-
ducted solely for academic purposes. It should be noted that there was
no official data available at the time of data collection depicting the total
number of bank accounts in Zimbabwe. The historical evidence tech-
nique was employed, for purposes of comparison, to determine the
required sample size (Berg et al., 2004). An average sample size of 377
respondents was therefore estimated, taking into account recent studies
on m-banking by Hamidi and Safareeyeh (2019), Mehrad and Moham-
madi (2017), and Shankar and Rishi (2020). The adequacy of the sample
size in PLS-SEM depends significantly on the complexity of the model,
and in particular, on the number of latent constructs and the number of
structural paths. As recommended by Hair, Hult, Ringle, and Sarstedt
(2017), sample size determination in PLS-SEM can follow several
guidelines, including the “10-times rule,” which suggests that the min-
imum number of respondents should be at least 10 times the maximum
number of structural paths directed at any endogenous construct. In this
study, the most complex endogenous construct, continued usage, had
four predictors, suggesting a minimum of 40 responses. However, more
recent and rigorous approaches, such as power analysis using G*Power
(Faul et al., 2009), recommend larger samples to detect small to medium
effect sizes at adequate power levels (typically 0.80). Following the
aforementioned principles, our final sample of 377 respondents far ex-
ceeds the minimum threshold, thereby ensuring the robustness and
statistical power of our results. This sample size is also aligned with
benchmarks from similar studies on mobile banking using PLS-SEM (e.
g., Alalwan et al., 2017; Boonsiritomachai & Pitchayadejanant, 2017).
Web-based surveys have become a valuable tool for collecting data in
scholarly studies in recent years (Hsu & Lin, 2016). Considering the
advantages of cost-effective and efficient data gathering and processing
led to the selection of an online questionnaire (Nayak & Narayan, 2019).
Regmi et al. (2016) noted, moreover, that using an online survey makes
it possible to reach of sizable and widely-distributed populations. Ex-
perts view this tool as a time- and money-saving strategy for researchers
(Regmi et al., 2016). Users of m-banking applications received online
questionnaires via email, along with consent documents outlining the
study’s objectives and participants’ rights to participate voluntarily.

5.2. Respondents’ demographics

Table 1 presents the demographics of participants, who were users of
mobile banking apps from Zimbabwean banks within the past year. A
total of 377 participants, aged 18 and above, completed the question-
naire after being informed of the study’s objectives and consenting to
participate. The results show that 196 (51.99 %) of the respondents were
male, 180 (47.75 %) were female, and 1 (0.27 %) preferred not to
indicate their gender. The percentage of male respondents was slightly
higher than that of female respondents. Additionally, 162 (42.97 %) of
the participants were aged between 26 and 35 years, 152 (40.32 %) were
between 36 and 45 years of age, and 34 (9.02 %) were aged between 18
and 25. In terms of employment status, 325 (86.21 %) of the participants
were employed, 25 (6.63 %) were unemployed, 7 (1.86 %) were retired,
and 20 (5.31 %) had other sources of employment.

a. Measurement instrument and questionnaire design

All the 38 items used to measure the variables were adapted from
prior studies (see Appendix A). The respondents’ beliefs were captured
using a five-point Likert-type scale anchored on “strongly disagree” as
one (1) and “strongly agree” as five (5). In this study, a five-point Likert
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Table 1

Sample demographic characteristics.
Characteristics Frequency %
Gender
Male 196 51.99
Female 180 47.75
Prefer not to say 1 0.27
Total 377 100
Age
18-25 years 34 9.02
26-35 years 162 42.97
36-45 years 152 40.32
46-60 years 23 6.10
61 years and above 6 1.59
Total 377 100
Employment Status
Employed 325 86.21
Unemployed 25 6.63
Retired 7 1.86
Other 20 5.31
Total 377 100

Source(s): Table produced by authors

scale was employed to enhance clarity for respondents and to facilitate
efficient data coding and analysis. The scale was selected due to its user-
friendly nature, which reduces respondent fatigue and minimises
confusion during questionnaire completion. Furthermore, the five-point
Likert scale is widely recognised for its ability to discriminate effectively
between varying degrees of respondents’ attitudes, perceptions, and
levels of agreement with the measured constructs. By providing a
balanced range of response options, the scale allows respondents to
express nuanced differences in opinion, thereby improving the sensi-
tivity and reliability of the measurement instrument (Monette et al.,
2010; Lam & Kolic, 2008; Cooper & Emory, 1995). Since English is the
language used for instruction at the institution, the researchers decided
to formulate questions in English about the participants’ demographic
profile and about each research variable under study. Cronbach’s Alpha,
in this study, ranges from 0.748 to 0.948, indicating strong reliability of
the measurement constructs (Hair, Risher, et al., 2019). Hair, Risher,
et al. (2019) recommend that Cronbach’s Alpha should be at least 0.7 to
reflect acceptable construct reliability in a measurement scale. This
significantly influences the robustness of the measurement model, as
evidenced by the acceptable results reported in the evaluation presented
in Table 2.

6. Statistical analysis plan

This study employs Partial Least Squares Structural Equation
Modelling (PLS-SEM) using SmartPLS 4.0 software. The choice of PLS-
SEM is primarily due to its suitability for studies with relatively small
sample sizes, as it requires fewer observations than other methods
(Ahimbisibwe et al., 2023). Additionally, SmartPLS enables the simul-
taneous analysis of complex relationships among multiple constructs, as
conceptualised in this research (Hair, Ringle, & Sarstedt, 2011a, 2011b).
PLS-SEM integrates principal component analysis with ordinary least
squares regression to estimate partial least squares models
(Mateos-Aparicio, 2011). It is often preferred over covariance-based
SEM (CB-SEM) due to the fewer restrictive assumptions required by
PLS-SEM (Hair et al., 2011a, 2011b). This approach is especially suitable
for modelling based on composites, as it does not rely on distributional
assumptions, offers high statistical power, and is well-suited to smaller
samples with numerous constructs and measurement items (Hair,
Ringle, & Sarstedt, 2012, Hair, Risher, et al., 2019; 2017b). Moreover,
SmartPLS provides robust tools for assessing the reliability and validity
of the path model (Hair et al., 2018). PLS-SEM has gained significant
traction in the social sciences, with an increasing number of studies
utilising this method in recent years (Hair, Hult, et al., 2019). Its
popularity stems from its ability to estimate complex models with
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Table 2
Measurement accuracy assessment.

Variables Factor Composite Average VIF (outer)
Loading Reliability Variance values
Extracted

Effort 0.885 0.658

Expectancy
EE1 0.792 1.622
EE2 0.830 1.840
EE3 0.826 1.901
EE4 0.795 1.831
Social Influence 0.935 0.879
SI1 0.937 2.346
SI2 0.938 2.346
Perceived 0.935 0.827

Enjoyment
PE1 0.855 2.068
PE2 0.938 3.190
PE3 0.932 3.183
User Experience 0.881 0.650
UXx1 0.754 1.972
Ux2 0.774 2.038
UXx3 0.846 2.015
UX4 0.847 2.040
Perceived 0.857 0.667

Interaction
PI1 0.765 1.543
P12 0.848 2.332
PI3 0.835 2.654
Intention to Use 0.900 0.750
ITU1 0.868 1.952
ITU2 0.898 2.317
ITU3 0.829 1.762
Continued 0.900 0.694

Usage
Cu1 0.811 1.917
cu2 0.909 3.184
Cu3 0.863 2.516
CU4 0.739 1.490
Perceived Risk 0.893 0.677
PR1 0.732 1.531
PR2 0.876 2.336
PR3 0.877 2.589
PR4 0.797 2.345
Perceived Trust 0.927 0.809
PT1 0.899 2.866
PT2 0.895 2.944
PT3 0.904 2.110
Electronic Word 0.955 0.877

of Mouth
EWOM1 0.946 2.403
EWOM2 0.945 2.815
EWOM3 0.918 3.017
Loyalty 0.881 0.650
LOY1 0.722 1.809
LOY2 0.763 2.084
LOY3 0.871 2.156
LOY4 0.858 1.805

Source(s): Table produced by authors

multiple constructs, indicators, and paths, without any need whatsoever
multivariate normality. Sarstedt, Ringle, and Hair (2017) note that
PLS-SEM is a causal-predictive approach, aimed at enhancing the pre-
dictive capability of statistical models while offering causal insights.
Richter et al. (2016) argue that SEM remains a robust methodology in
contemporary research. The composite-based PLS-SEM offers advan-
tages over factor-based CB-SEM in managing complex models and ful-
filling the predictive and explanatory demands of soft theory. This study
follows the two-step approach proposed by Anderson and Gerbing
(1988), beginning with an evaluation of the measurement model (to
assess its reliability and validity) and then examining the structural
model, which explores the path relationships among the variables.

To enhance the robustness of our model estimation, this study makes
a clear distinction between exogenous constructs (effort expectancy,
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social influence, perceived enjoyment, user experience, perceived
interaction, perceived trust, and perceived risk) and endogenous con-
structs (intention to use, continued usage, electronic word-of-mouth (e-
WOM), and loyalty). All constructs are operationalised as reflective
latent variables and measured using multi-item indicators sourced from
validated references, as shown in Table 2. The model was estimated
using Partial Least Squares Structural Equation Modelling (PLS-SEM), a
composite-based approach that combines principal components analysis
and ordinary least squares (OLS) regression. PLS-SEM is well-suited to
theory development and prediction in complex models with multiple
mediators and small sample sizes (Hair et al., 2011a, 2011b; Sarstedt
et al., 2017). Main effects, connecting exogenous to endogenous con-
structs, were examined using bootstrapping with 5000 resamples in
order to calculate bias-corrected confidence intervals for indirect effects
(Hair, Hult, et al., 2019). The significance of structural paths was
assessed using path coefficients (p), t-statistics, and p-values, while
predictive power was evaluated through the R? values of the endoge-
nous constructs. Model fit was assessed using the standardised root
mean square residual (SRMR) and the global goodness-of-fit (GoF)
index, both of which met established thresholds (Hu & Bentler, 1998a,b;
Wetzels, Odekerken-Schroder, & Van Oppen, 2009a, 2009b). By
grounding the model estimation in established econometric logic and
theoretical reasoning, the study ensures that both predictive accuracy
and theoretical coherence are maintained.

6.1. Reliability analysis

The measurement model examines the relationships between con-
structs and indicators, including reliability, convergent validity, and
discriminant validity. The first step in the analysis is to assess convergent
validity, which measures the extent to which a research instrument
accurately measures the intended construct. Convergence is evaluated
using standardised factor loading, composite reliability (CR), and
average variance extracted (AVE). According to Hamid et al. (2017),
factor loadings for each item should exceed 0.7 and be statistically sig-
nificant for adequate convergent validity. Factor loadings explain the
correlation between the item and the construct. Higher factor loadings,
meeting or exceeding the 0.7 threshold, indicate that the measured
items strongly influence the construct. Additionally, the AVE of latent
constructs should exceed 0.50, and composite reliability values should
be 0.70, 0.80, or higher. The initial measurement model revealed that
the factor loading for social influence (SI3) was below the 0.7 threshold,
so the item was removed, and the model was adjusted. The final results
of the convergent validity analysis are presented in Table 2 and Fig. 5.

The results presented in Table 3 and Fig. 5 reveal:

o that for all the constructs, the factor loadings are significant at p <
0.001 and above 0.70, as highlighted by Hamid et al. (2017).

o that the CR estimates are above the recommended threshold of 0.7,
as indicated by Aguirre-Urreta et al. (2013).

e that the AVEs of all the constructs are above the 0.5 threshold, as
highlighted by Hair Jr et al. (2014), with 0.650 (user experience and
loyalty) as the lowest AVE estimates (see Table 4).

Collectively, these estimates provide strong statistical evidence
supporting the convergent validity of the measurement model, indi-
cating that the indicators consistently and adequately measure their
respective latent constructs. However, establishing construct validity
also requires demonstrating discriminant validity. As noted by Field
(2013), discriminant validity refers to the extent to which measurement
items capture conceptually distinct constructs rather than overlapping
or identical concepts. In this regard, Tables 3 and 5 present the results of
the discriminant validity analysis, which assess whether the constructs
in the model are empirically distinguishable from one another.

Discriminant validity was assessed using the Hetero-Trait-Monotrait
Ratio (HTMT) and the Fornell-Larcker criterion. Following Henseler,
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Table 3
Heterotrait-monotrait ratio (HTMT).
Construct CU EE EWOM ITU LOY PE PI PR PT SI Ux
CU
EE 0.626
EWOM 0.326 0.205
ITU 0.840 0.587 0.317
LOY 0.637 0.479 0.873 0.576
PE 0.518 0.483 0.609 0.490 0.699
PI 0.721 0.790 0.350 0.699 0.619 0.522
PR 0.237 0.255 0.142 0.371 0.306 0.163 0.217
PT 0.500 0.532 0.322 0.475 0.632 0.430 0.566 0.480
SI 0.317 0.317 0.254 0.296 0.348 0.393 0.397 0.083 0.343
Ux 0.529 0.544 0.580 0.468 0.704 0.833 0.721 0.112 0.406 0.255

Key: HTMT (heterotrait-monotrait ratio of correlations), EE (Effort Expectancy), SI (Social Influence), PE (Perceived Enjoyment), UX (User Experience), PI (Perceived

Interaction), ITU (Intention to Use), CU (Continued Usage), PR (Perceived Risk), PT
Source(s): Table generated by authors

Ringle, and Sarstedt’s (2015) guidelines, each HTMT construct value
was compared with a threshold of 0.85. The results showed that all
values were below 0.85, ranging from 0.496 to 0.833, with the highest
value on the facilitating conditions construct (0.833). This indicates that
all constructs meet the criteria for discriminant validity. The Fornell and
Larcker (1981) technique was also used to assess discriminant validity,
which is achieved if the square root of the AVE is greater than the

(Perceived Trust), EWOM (Electronic Word of Mouth), LOY (Loyalty).

inter-factor correlations among the constructs. The highest inter-factor
correlation was 0.762, between intention to use and continued usage,
which is lower than the lowest square root AVE (0.806 for Loyalty). This
statistical evidence confirms the discriminant validity of the measure-
ment model, suggesting that the measures are suitable for structural
model analysis.
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Table 4
Fornell-Larcker criterion.
Construct CU EE EWOM ITU LOY PE PI PR PT SI UXx
CU 0.833
EE 0.528 0.811
EWOM 0.289 0.175 0.936
ITU 0.762 0.495 0.278 0.866
LOY 0.578 0.436 0.719 0.517 0.806
PE 0.449 0.418 0.559 0.427 0.601 0.909
PI 0.583 0.625 0.290 0.570 0.513 0.424 0.817
PR —0.201 —0.213 —0.120 —0.316 —0.260 —0.140 —0.181 0.823
PT 0.445 0.463 0.303 0.423 0.575 0.388 0.475 —0.409 0.899
SI 0.271 0.266 0.228 0.253 0.286 0.342 0.322 —0.069 0.304 0.937

Note: bold diagonal values are the square root of the AVEs.

Key: HTMT (heterotrait-monotrait ratio of correlations), EE (Effort Expectancy), SI (Social Influence), PE (Perceived Enjoyment), UX (User Experience), PI (Perceived
Interaction), ITU (Intention to Use), CU (Continued Usage), PR (Perceived Risk), PT (Perceived Trust), EWOM (Electronic Word of Mouth), LOY (Loyalty).

Source(s): Table generated by authors

Table 5
Model fit summary.

Estimated model

SRMR 0.070
d_ULS 1.827
d.G1 0.941
d_.G2 0.783
Chi-Square 1918.047
NFI 0.901

Source(s): Table generated by authors

7. Results
7.1. Structural model assessment

The structural model (Fig. 6) was evaluated to assess the relation-
ships among the endogenous and exogenous variables. Path coefficients
were calculated using a non-parametric bootstrapping routine (Vinzi
et al., 2010), with 261 cases and 5000 samples for the non-return model
(two-tailed; 0.05 significance level; no sign changes). The model’s fit
was assessed using the goodness-of-fit (GoF) and the standardised root
mean square residual (SRMR), which will be explained in the following
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Fig. 6. PLS results of the structural model.
Source(s): Figure generated by authors
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7.2. Assessment of the goodness of fit (GoF)

In Fig. 6, the R? values for intention to use, continued usage, elec-
tronic word of mouth, and loyalty indicate that the research model ex-
plains 42.4 %, 60.6 %, 08.3 %, and 33.4 % respectively, of the variance
in the endogenous variables. The formula for the global GoF statistic was
provided by Tenenhaus et al. (2005) and was used to calculate the sta-
tistic for the research model.
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influence in predicting electronic word of mouth (p = 0.289, p < 0.001)
and loyalty (f = 0.578, p < 0.001), supporting H7 and H8. The model’s
fitness was assessed using the coefficient of determination (R2) (see
Fig. 6). The R? values for the endogenous variables — intention to use
mobile banking application (R?> = 0.424), continued usage of mobile
banking application (R? = 0.606), loyalty (R? = 0.334) and electronic
word of mouth (R? = 0.083) — were greater than the recommended
criterion benchmark of 0 and 1 (Hair et al., 2012). The results, therefore,
suggest that the structural model has sufficient predictive accuracy.
Table 6 presents the estimation results from hypothesis testing for this

e __ 2 % 2
Goodness of fit = \/ (average of all AVEs values* average of all R?) — 2073970361 — 0.59

The variable AVE represents the average of all AVE values for the
research variables, while R? represents the average of all R? values in the
complete path model. The calculated global GoF is 0.51, which exceeds
the threshold of GoF >0.36 suggested by Wetzels et al. (2009a, 2009b).
We can therefore conclude that the research model has a good overall fit.

7.3. Common method bias (CMB)

Common method bias (CMB) in PLS-SEM is detected through a
complete collinearity assessment approach (Kock, 2015). VIF values
should be below the 3.3 threshold (Hair et al., 2011a, 2011b; Kock,
2015) to indicate that the model is free from multicollinearity. Any
value greater than 3.3 means the model is affected by CMB. Therefore,
VIF values were computed instead of reporting collinearity issues. The
findings in Table 3 showed that all constructs had VIF values below 3.3
(Kock & Lynn, 2012), supporting the notion that CMB is not a problem in
the study.

7.4. The standardised root mean square residual (SRMR)

The SRMR is an index of the average standardised residuals between
the observed and the hypothesised covariance matrices (Chen, 2007).
The SRMR is a measure of estimated model fit. When SRMR <0.08, the
study model has a good fit (Hu & Bentler, 1998a,b), with a lower SRMR
indicating a better fit. Table 6 shows that the theoretical model’s SRMR
was 0.07, indicating a good fit, whereas the Chi-Square was 1918.047
and the NFI was 0.901, meeting the recommended threshold for NFI
(Afthanorhan, 2013).

7.5. Structural model

A bootstrapping technique was used to examine the statistical sig-
nificance of the relationships between the constructs. Bootstrapping was
used in determining the p-value (two-tailed) and the 95 % bias-corrected
confidence interval (Hair, Black, et al., 2019). The results for the tested
hypotheses are summarised in Table 3. Effort expectancy (p = 0.143, p
< 0.05), perceived enjoyment (f = 0.205, p < 0.05), perceived inter-
action (p = 0.372, p < 0.001), perceived risk (p = —0.175, p < 0.001)
exerts a positive and significant influence on intention to use mobile
banking applications, supporting H1, H3, H5 and H9. Meanwhile, social
influence (f = 0.011, p > 0.05), user experience (p = —0.062, p > 0.05),
and perceived trust (f = 0.048, p > 0.05) do not exert any a positive and
significant influence on the intention to use mobile banking applica-
tions. Customer’s intention to use mobile banking application (f =
0.716, p < 0.001), perceived risk (B = 0.100, p < 0.05) and perceived
trust (p = 0.183, p < 0.001) exert a positive and significant influence on
continued usage of mobile banking applications, supporting H6 and
H10. Specifically, continued usage exerts a positive and significant
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study. Table 6 displays the proposed hypotheses, path coefficients,
t-statistics and p-values.

8. Discussion
This study presents robust empirical evidence supporting the theo-

retical integration of the Unified Theory of Acceptance and Use of
Technology (UTAUT), the Theory of Planned Behaviour (TPB), and the

Table 6
Summary of PLS-SEM path analysis.

Path t-
coefficient statistics

Path Hypothesis p-values

Effort expectancy - > HI 0.143 2.201 0.028*
Intention to use mobile
banking application

Social influence - >
Intention to use mobile
banking application

Perceived enjoyment - >
Intention to use mobile
banking application

User experience - >
Intention to use mobile
banking application

Perceived interaction - >
Intention to use mobile
banking application

Intention to use mobile
banking application - >
Continued usage of
mobile banking
application

Continued usage of mobile
banking application - >
Electronic word of mouth

Continued usage of mobile
banking application - >
Loyalty

Assessment of the control variables

Perceived risk - > Intention Control
to use mobile banking
application

Perceived trust - > Intention
to use mobile banking
application

Perceived risk - > Continued
usage of mobile banking
application

Perceived trust - >
Continued usage of
mobile banking
application

H2 0.011 0.241 0.809***

H3 0.205 2.718 0.007*

H4 —0.062 0.825 0.409%**

H5 0.372 4.880 0.000**

H6 0.716 16.360 0.000**

H7 0.289 5.756 0.000%**

H8 0.578 14.812 0.000%**

-0.175 1.551 0.000%**

Control 0.048 0.813 0.417%***

Control 0.100 1.485 0.013*

Control 0.183 4.654 0.000%**

Notes: *p < 0.05; **p < 0.001; ***p > 0.05.
Source(s): Table generated by authors
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User Experience (UX) model in predicting the intention to use and
continued use of mobile banking applications in Zimbabwe. The results
reveal a significant portion of the variance in key dependent variables,
42.4 % in intention to use, 60.6 % in continued usage, 33.4 % in loyalty,
and 8.3 % in electronic word of mouth (e-WOM), demonstrating the
model’s overall explanatory power and validating its application within
a developing country context (Tenenhaus et al., 2005; Wetzels et al.,
2009a, 2009b). Specifically, the analysis confirms that effort expectancy
(p=0.143, p=0.028), perceived enjoyment ( = 0.205, p = 0.007), and
perceived interaction (f = 0.372, p < 0.001) significantly influence the
intention to use mobile banking applications. This reinforces the UTAUT
proposition that technology adoption is shaped by perceived ease of use
and interactive quality (Venkatesh et al., 2003; Wang et al., 2020). The
importance of effort expectancy is consistent with the findings of
Albashrawi et al. (2017), while the role of enjoyment aligns with the
findings of Praveena and Thomas (2014) and Avornyo et al. (2019).
Notably, the strength of perceived interaction supports assertions by
Shankar et al. (2020) that interactive and responsive design enhances
user engagement. Conversely, social influence (p = 0.011, p = 0.809)
and user experience (f = —0.062, p = 0.409) were found to be insig-
nificant predictors of intention. These findings are consistent with the
argument that Zimbabwean users, operating in an environment char-
acterised by high mobile penetration but low bancarisation, make in-
dependent adoption decisions, minimally affected by their peers
(Purwanto & Loisa, 2020; Thusi & Maduku, 2020). Wohn and Lee
(2013) also provide theoretical support for the insignificant role of user
experience in the early stages of technology engagement, as expecta-
tions are shaped more by observation than by first-hand interaction. The
intention to use emerged as the most potent driver of continued usage (
= 0.716, p < 0.001), aligning with the TPB’s foundational principle that
behavioural intention precedes action (Ajzen, 1991). In addition, both
perceived trust (§ = 0.183, p < 0.001) and perceived risk (p = 0.100, p
= 0.013) significantly predicted continued usage, but not the initial
intention. These findings highlight a nuanced distinction in how users
appraise technology: they may initially adopt mobile banking for its
perceived utility, but affective and cognitive evaluations around trust
and risk influence their sustained engagement.

8.1. Discussion of control variables

Control variables played a critical role in clarifying the dynamics
between intention and continued usage. Notably, perceived risk exerted
a significant adverse effect on intention (p = —0.175, p = 0.000) and a
significant positive effect on continued usage (f = 0.100, p = 0.013)**.
The former aligns with prior findings (Chitungo & Munongo, 2013;
Natarajan et al., 2018), confirming that perceived vulnerability, espe-
cially that associated with financial loss, privacy, or fraud, deters po-
tential users. Interestingly, the positive relationship between perceived
risk and continued usage may indicate the resolution of cognitive
dissonance: users who continue to use m-banking despite perceived risks
may normalise those concerns over time or find compensatory value in
the convenience it provides (Cocosila & Trabelsi, 2016). Perceived trust
showed no significant impact on initial intention (p = 0.048, p = 0.417),
consistent with findings by Koenig-Lewis et al. (2015), but was a strong
predictor of continued usage (p = 0.183, p < 0.001). This divergence
suggests that trust functions as a post-adoption reinforcement mecha-
nism rather than a pre-adoption motivator. Once users are engaged,
perceived security and institutional reliability become crucial for sus-
tained interaction. This supports the findings of Jamshidi et al. (2018)
and Malaquias and Hwang (2016), who argue that trust is an evolving
perception, becoming increasingly relevant in ongoing digital engage-
ment. These findings suggest that trust and risk are not merely periph-
eral but central constructs influencing long-term behavioural outcomes,
especially in environments characterised by historical economic insta-
bility, regulatory fluctuations, and variability in digital literacy, as is
typical of the Zimbabwean context (Muzurura et al., 2021; Tsokota
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et al., 2022). Their inclusion as control variables not only improved the
model’s explanatory power but also uncovered meaningful theoretical
distinctions between adoption and retention factors. Finally, the impact
of continued usage on downstream outcomes, e-WOM (f = 0.289, p <
0.001) and loyalty (p = 0.578, p < 0.001), was confirmed, consistent
with the findings of Cheung and Lee (2012) and Baabdullah et al.
(2019). The higher B for loyalty suggests that positive long-term user
experience fosters repeat behaviour more reliably than it prompts active
recommendation behaviour. Cultural norms surrounding financial
conservatism may explain this reticence to promote mobile banking
publicly, even when loyalty is present. In summary, this study offers a
theoretically grounded and empirically robust explanation of mobile
banking adoption and retention. It confirms key tenets of UTAUT and
TPB, introduces context-specific insights from Zimbabwe, and empha-
sises the overlooked but critical role of emotional-cognitive evaluations,
trust and risk in shaping digital banking behaviour.

9. Theoretical implications

This study makes several important theoretical contributions by
integrating and empirically validating constructs from the Unified
Theory of Acceptance and Use of Technology (UTAUT), the Theory of
Planned Behaviour (TPB), and the User Experience (UX) model to
explain mobile banking adoption and continued usage in Zimbabwe.
First, the study strengthens UTAUT by confirming the significant roles of
effort expectancy, perceived enjoyment, and, in particular, perceived
interaction in predicting intention to use mobile banking applications.
While effort expectancy and enjoyment are established antecedents of
technology adoption (Venkatesh et al., 2003), the prominent influence
of perceived interaction offers a novel insight. It highlights that inter-
active system design, including real-time responsiveness and clarity in
navigation, is not just a UX factor but a significant behavioural driver.
This finding reinforces the argument by Shankar et al. (2020) that
interactivity enhances perceived utility and cognitive engagement,
warranting its elevation as a core construct within future UTAUT ap-
plications in digital banking research.

Second, the study contributes to TPB by reaffirming that intention
remains the most significant antecedent of actual behaviour (Ajzen,
1991). However, our findings also extend TPB by clarifying the differ-
entiated roles of trust and risk. Although these constructs had no sig-
nificant effect on intention, they significantly influenced continued
usage. This distinction reveals that TPB’s predictive strength is
enhanced when post-adoption perceptions, such as perceived risk miti-
gation and the evolution of trust, are incorporated (Jamshidi et al.,
2018; Natarajan et al., 2018). This research, therefore, supports calls to
expand TPB frameworks by including cognitive-emotional constructs
that evolve across the technology lifecycle. Third, although the UX
model has gained traction in IS literature (Hassenzahl, 2008), this study
suggests that not all UX elements exert the same influence. The general
user experience was statistically insignificant at the intention stage,
whereas micro-level interactivity proved impactful. This implies that
broad UX constructs may mask more specific experiential touchpoints
that matter in developing country contexts. Consequently, the study
refines the UX model by encouraging greater granularity in defining and
operationalising experience-related variables in future adoption models.
This research also offers a theoretical contextualisation by demon-
strating that the relationships among intention, continued usage, trust,
and risk are not universal but are influenced by local economic, tech-
nological, and socio-cultural factors. In Zimbabwe, where mobile
penetration is high but trust in financial institutions may be fragmented,
user behaviour diverges from traditional Western or Asian-based
models. The lack of significance in social influence further challenges
universal assumptions in UTAUT and TPB, illustrating that in environ-
ments where self-service technologies emerge out of necessity rather
than social pressure, normative influence may be minimal. In sum, this
study contributes theoretically by:
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e Extending UTAUT to emphasise perceived interaction as a critical
adoption driver;

e Enhancing TPB through the post-adoption roles of trust and
perceived risk;

e Refining the UX model by highlighting interactivity over holistic
experience in driving intention;

e Offering a context-sensitive adaptation of established theories for
better applicability in under-researched, developing markets.

These contributions collectively lay the groundwork for a more
nuanced, lifecycle-oriented, and context-aware understanding of mobile
banking behaviour, particularly in the Global South.

10. Practical implications

The study is of great importance to the Zimbabwean banking in-
dustry, consumers, the economy, and the existing literature on mobile
banking application usage. It found that factors such as effort expec-
tancy, perceived enjoyment, and perceived interaction significantly in-
fluence the intention to use m-banking applications. Policymakers and
bank managers should, therefore, consider these factors when devel-
oping and promoting such applications. Since effort expectancy relates
to the ease and convenience of using the application, perceived enjoy-
ment to the pleasure derived from using it, and perceived interaction to
the extent of social interactions facilitated by the application, efforts
should be made to develop m-banking applications that are user-
friendly, enjoyable to use, and encourage social interactions. The
study found that the ongoing use of mobile banking (m-banking) ap-
plications could positively impact electronic word-of-mouth (e-WOM)
and customer loyalty. Accordingly, policymakers and bank managers
should encourage customers to continue using these applications by
offering incentives such as discounts or rewards. This should increase
customer loyalty and generate positive word-of-mouth, ultimately
leading to a higher adoption rate of m-banking applications. Policy-
makers and bank managers could utilise the findings of this study to
develop and implement strategies that enhance these factors and in-
crease the likelihood of customers adopting mobile banking applica-
tions. Perceived risk, another variable, significantly affected the
intention to use mobile banking applications. The types of perceived
risks associated with mobile banking applications include security risk
(fear of identity theft, hacking or unauthorised access), privacy risk
(concerns about personal and financial data), financial risk (fear of
losing money due to fraud, transaction failures or system errors), per-
formance risk (doubts as to efficiency of functionality, speed and reli-
ability), social risk (fear of negative perception), and time risk (process
slowness, app crashes or learning curves) (Langevin et al., 2025). The
primary concern with mobile banking is, therefore, protecting private
consumer data. To this end, banks could, for example, offer user-friendly
interfaces and features that enhance the overall user experience,
streamline banking processes, and mitigate perceived risk.

The implications of perceived risks associated with mobile banking
applications for the government and regulators are a policy issue to be
addressed through the creation of data protection laws and regulations
for financial inclusion, as well as public awareness campaigns to build
customer trust and digital literacy. The banking sector in Zimbabwe may
face increased challenges in customer retention as customers switch to
secure, trustworthy user experiences (UX), more customer complaints
and switching costs, and higher costs related to greater investment in
user education, application reliability, and cybersecurity. The country’s
economy may face serious problems, such as slower financial inclusion
of the unbanked population and reduced digital transformation,
hampering efforts toward a cashless society (Olaoye et al., 2025). Stra-
tegies to reduce associated risks could include the implementation of
multi-enhanced security features (two-factor authentication or bio-
metrics), fraud mitigation and transparent privacy policies, user edu-
cation (awareness campaigns and digital literacy), and optimising
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mobile banking applications (regular checks to improve performance
and reliability).

The practical implications of this study are crucial for ensuring the
continued use of m-banking applications, which currently have a low
usage rate. Additionally, these findings could help banks customise their
m-banking applications to meet the diverse needs of their customers.
This study contributes to the development of a profile of m-banking
users in the Zimbabwean context. The results of this study provide
valuable guidelines for marketers targeting this demographic, offering
strategic insights to benefit the banking sector in Zimbabwe. Specif-
ically, these findings enhance banking firms’ understanding of the
impact of factors such as effort expectancy, perceived enjoyment, and
perceived interaction on the likelihood of using mobile banking appli-
cations. Additionally, the study explores the effects of continued use of
applications on electronic word-of-mouth (e-WOM) and loyalty. By
utilising these insights, banking establishments could develop targeted
marketing approaches that resonate with users of mobile banking ap-
plications, effectively addressing the challenge of low adoption rates.
The success of mobile banking applications in Zimbabwe not only con-
tributes to economic advancement but also promotes financial inclusion
amongst unbanked individuals, low-income earners, and marginalised
communities (Mago & Chitokwindo, 2014).

11. Conclusion, limitations and directions for future research

By way of conclusion, the main objectives of this study were to
determine the impact of effort expectancy, social influence, perceived
enjoyment, user experience and perceived interaction on the intention
to use m-banking applications, and to investigate the impact of
continued usage on m-banking applications on e-WOM and loyalty.
Social influence was found to have no significant impact on the intent to
use mobile banking applications. A plausible reason might be that social
influence is not significantly associated with behavioural intention
(Thusi & Maduku, 2020). This study also provided empirical evidence
that customer user experience has an insignificant impact on the
intention to use mobile banking applications. A likely reason is that
people develop expected outcomes primarily by observing others.
However, once an individual decides to use the medium, their personal
experience with it feeds back to reshape those expectations (Bashar
et al., 2025; Wohn & Lee, 2013). Perceived trust was found to have no
significant impact on the intention to use mobile banking applications,
suggesting that trust does not directly influence this intention
(Koenig-Lewis et al., 2015). Perceived risk, on the other hand, was found
to significantly influence the intention to use mobile banking applica-
tions, indicating that it negatively affects this intention (Natarajan et al.,
2018). Additionally, perceived risk was found to significantly affect
continued use of mobile banking applications, suggesting a negative
correlation between perceived risk and continued use (Chitungo &
Munongo, 2013). The study also revealed that respondents intend to use
mobile banking applications in the near future. Further scholarly
research should therefore be conducted to identify other determinants
influencing the intention to continue using these applications. These
findings could serve as valuable marketing strategy guidelines for
marketers targeting this segment, benefiting the Zimbabwean banking
industry.

Continued use of mobile banking applications significantly impacts
e-WOM and loyalty. This is because, when mobile banking application
users consistently engage with the service (after discovering reliability,
security, and convenience), they tend to develop a positive perception of
how the digital experience might lead to their loyalty to the associated
banking brand (Nyagadza & Bashar, 2025, p. 339). This level of satis-
faction provides a strong foundation for loyalty and positive advocacy
(e-WOM). Satisfied customers are therefore more likely to recommend
mobile banking applications to friends, relatives, and colleagues on so-
cial media platforms, thereby building high levels of trust and credibility
(Olaoye et al., 2025). Customers may increase positive online reviews
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and ratings on digital app stores and virtual forums. Some of them may
extend their advocacy to serve as informal brand ambassadors, thereby
attracting other customers to adopt. This, in turn, results in organic
promotion and digital brand visibility for the associated banking in-
stitutions that own the mobile banking application through trusted peer
networks. Loyalty levels incrementally lead to emotional connection,
switching costs, and personalisation, resulting in high customer reten-
tion, repeat usage, and long-term engagement. While this study provides
valuable insights, it is important to acknowledge several limitations that
could guide future research. Firstly, the study was limited to mobile
banking application users in Harare, Zimbabwe, which may limit the
generalisability of the findings to other provinces. Future research
should therefore aim to include participants from a broader geographic
area, encompassing additional provinces in Zimbabwe, to test the val-
idity and applicability of the conceptual model across diverse regional
contexts. Secondly, the study only included participants aged 18 and
above. To enhance insights relating to market segmentation and
contribute to more inclusive financial service strategies, future research
should consider including younger users, such as adolescents, alongside
older adults. This broader age range will provide a more comprehensive
understanding of mobile banking adoption and usage across different
demographics, aligning with the goals of financial inclusion. Thirdly, the
study focused solely on mobile banking applications. Future research
should expand the investigation to include other digital financial service
categories, such as mobile wallets, SMS banking, Unstructured Supple-
mentary Service Data (USSD), telephone banking, and Internet banking.
A comparative analysis across these channels could reveal nuanced
differences in user intentions, satisfaction, and continued usage behav-
iour, leading to a more holistic understanding of digital financial service
adoption. These limitations identified in the study serve as a basis for
further research to deepen theoretical and practical insights into digital
banking behaviour in Zimbabwe and similar contexts, without dimin-
ishing the value of the current study’s contributions.
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Appendix 1. Measurement Scales (Mobile Banking Study)

All items were measured using a five-point Likert scale ranging from
1 = Strongly disagree to 5 = Strongly agree.

Effort Expectancy (EE)

(Venkatesh et al., 2012)

Cronbach’s Alpha = 0.939.

EE1 - I find mobile banking application X easy to use.

EE2 — Learning how to use mobile banking application X is easy for
me.

EE3 - It is easy to log in to mobile banking application X.

EE4 - It is easy for me to become skilful at using mobile banking
application X.

Social Influence (SI)

(Baptista & Oliveira, 2015)

Cronbach’s Alpha = 0.845.

SI1 - People who are important to me think that I should use mobile
banking application X.

SI2 - People who influence my behaviour think that I should use
mobile banking application X.

SI3 - Using mobile banking application X is regarded as a status
symbol in my environment.

Perceived Enjoyment (PE)

(Koenig-Lewis et al., 2015)

Cronbach’s Alpha = 0.790.

PE1 - Using mobile banking application X is pleasant.

PE2 — The mobile banking process is enjoyable.

PE3 - I find using mobile banking application X enjoyable.

User Experience (UX)

(Zhou & Liu, 2014)

Cronbach’s Alpha = 0.830.

UX1 - My experience of using mobile banking application X is better
than I expected.

UX2 - The service level provided by mobile banking is better than I
expected.

UX3 - Mobile banking application X is user-friendly.

UX4 — Mobile banking application X is easy to navigate.

Perceived Interaction (PI)

(Baptista & Oliveira, 2015)

Cronbach’s Alpha = 0.939.

PI1 - My interaction with mobile banking application X is clear and
understandable.

PI2 - Interacting with mobile banking application X is easy for me.

PI3 - Using mobile banking application X does not require much
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mental effort.
Intention to Use (ITU)

(Venkatesh & Zhang, 2010)

Cronbach’s Alpha = 0.940.

ITU1 - I intend to use mobile banking application X for my banking
needs.

ITU2 - I am likely to use mobile banking application X in the near
future.

ITU3 - I intend to use mobile banking application X within the next
30 days.

Continued Usage (CU)

(Zhou, 2013)

Cronbach’s Alpha = 0.811.

CU1 - I intend to continue using mobile banking application X over
the next 12 months.

CU2 - I plan to use mobile banking application X frequently in the
future.

CU3 - I will continue using mobile banking application X on a reg-
ular basis.

CU4 - I intend to continue using mobile banking application X rather
than alternative applications.

Perceived Risk (PR)

(Poromatikul et al., 2019)

Cronbach’s Alpha = 0.842.

PR1 - Information related to my transactions when using mobile
banking application X could be tampered with by others.

PR2 - I believe that mobile banking applications put my confidential
personal information at risk.

PR3 - I believe that using mobile banking application X is risky.

PR4 -1 believe that mobile banking application X is riskier than other
banking options.

Perceived Trust (PT)

(Alalwan et al., 2018)

Cronbach’s Alpha = 0.948.

PT1 - I believe that mobile banking application X is trustworthy.

PT2 - Transactions conducted using mobile banking application X
are safe.

PT3 - Transactions conducted using mobile banking application X
are reliable.

Electronic Word of Mouth (eWOM)

(Cheung & Lee, 2012)

Cronbach’s Alpha = 0.877.

EWOM1 - I will talk about the strengths of mobile banking appli-
cation X to my social network.

EWOM2 - I will speak positively about mobile banking application X
to others.

EWOMS3 - I intend to share my experiences of using mobile banking
application X with other people.

Loyalty (LOY)

(Mokhtar et al., 2018)

Cronbach’s Alpha = 0.748.

LOY1 - I will recommend mobile banking application X to other
people.

LOY2 - I often say positive things about my bank to others.
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LOY3 - I am satisfied with the services provided by mobile banking
application X.

LOY4 - I intend to continue using mobile banking application X for
my banking needs.

Data availability
No data was used for the research described in the article.
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