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ABSTRACT

This chapter examines the quality of machine translated texts of various genres
with a view to finding out to what extent these texts/genres have been accurately
translated by neural machine translation systems and LLMs. The chapter also ex-
amines the potential use of these technologies in editing and revisions to enhance
both quality and productivity. A theoretical and conceptual framework that is based
on text-typology linguistic models and Mossop’s parameters of revising and edit-
ing in translation is used to assess the quality of transactions produced by Google
Translate (GT) as a neural-based machine translation system and ChatGPT as a
large language model (LLM). In particular, the chapter investigates the GT and
ChatGPT translations of argumentation within journalistic texts, exposition within
both promotional and philosophical genres, and instrumental texts within the legal
genre. This emphasis on diverse text types allows for a comprehensive evaluation
of the translation performance of neural-based systems and LLMs across different
communicative purposes and stylistic demands.
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INTRODUCTION

Communication across languages and cultures has been one of the priorities
of technology. With the advent of the Fourth Industrial Revolution (4IR), digital
technologies, such as artificial intelligence (Al), automation, and the Internet of
Things have become a reality and they have been integrated into various aspects of
society (Alsulaimani & Islam, 2022; Park, 2018), and the field of translation and
interpreting was no exception.

Early machine translation (MT) systems were based on rule-based approaches.
That s, the generation of translation depends on a set of linguistic rules (Stein, 2018).
Phrase-based statistical machine translation (PBSMT) systems have been introduced
over the last decades (Lyons, 2020) and they have included more advanced features.
While the role of these systems cannot be denied as they laid the foundation for
advanced systems of machine translation (MT), the end translation product is poor
in terms of fluency and accuracy (Jiaet al., 2019). The problem is more complicated
in the translation of complex linguistic structures and frozen and idiomatic expres-
sions. In a post which gained immense traction on social media more than a decade
ago, the frozen Arabic expressions hill ‘an sama T and yastur ‘ala ‘irdik have been
literally translated as “dilute my sky” and “cover your width”. Undoubtedly, these
translated expressions do not make any sense in the target language.

However, the introduction of neural machine translation (NMT) systems, powered
by deep learning algorithms and trained on vast amounts of multilingual data (Bha-
dauria et al., 2023; Dabre et al., 2020), has made remarkable strides in producing
more fluent and natural-sounding translations (Dwivedi et al., 2025). While they still
have certain limitations, such as difficulties with low-resource languages or highly
specialized domains, present-day machine translation systems have reached a level
where they can provide usable translations for a wide range of texts. In addition,
the advancements in artificial intelligence (Al) and the use of Al-driven machine
translation (MT) systems have undoubtedly improved the accuracy and fluency of
translations between various directionalities (Siu, 2024). The poor machine trans-
lations of some text types have become a matter of the past today. Google Translate
(GT) among other systems have become so advanced that they can produce quality
translations (Johnson et al., 2017) that can rival human capabilities. A recent report
hasrevealed that aneural-based translation program similar to Google Translate (GT)
can be used in the translation of Akkadian cuneiform into English (Krueger, 2023;
Mair, 2023). It has successfully facilitated the decoding and translation of thousands
of previously unread digitized tablets. The report has, however acknowledged that
the accuracy of the translations remains a subject of debate (Mair, 2023). The fact
that remains is that machine translation (MT) systems and large language models



(LLMs) have made the translation of some genres much easier and at the same time
they are still underdeveloped and untrained to translate some other genres.

This chapter therefore investigates the quality of machine translated texts of
various genres with a view to finding out to what extent these texts/genres have
been accurately translated by neural machine translation (NMT) systems and large
language models (LLMs). The chapter also examines the potential use of these
technologies in post-translation tasks such as editing and revisions to enhance both
quality and productivity.

LITERATURE REVIEW

Since Al-based translation is a relatively nascent discipline, with the field still
in the process of formation and the establishment of its theoretical and applied
foundations, it is beneficial to conduct a chronological survey of studies that have
examined the use of artificial intelligence (Al) and large language models (LLMs)
across various translation directions. Given that this field is grounded in big data
applications for both high-resource and low-resource languages, each empirical study
presents a distinct contribution. Accordingly, we will review these studies under
various thematic headings, followed by a concise synthesis of the existing literature.

1. Large language models (LLMs) and their use in Arabic-English translation

The emergence of large language models (LLMs), such as ChatGPT, has added
a new dimension to artificial intelligence (Al) translation. Unlike traditional ma-
chine translation (MT) systems, which prioritize direct word-for-word conversion,
large language models (LLMs) leverage extensive training on vast datasets to grasp
meaning, context, and stylistic nuances (Siu, 2024). This deeper understanding
allows them to produce translations that are not only more fluent but also more
stylistically accurate.

Several studies have compared LLLM-based translations with neural-based ma-
chine translation (NMT) systems. For example, Alkhawaja (2024) investigates the
use of ChatGPT for Arabic-English machine translation and the quality of its trans-
lations. The study has also compared the output against Google Translate (GT). The
assessment includes a parallel corpus of 1000 English sentences and their machine
Arabic translations which have been sourced from an open online platform called
Tatoeba. The statistical metric BLEU (Bilingual Evaluation Understudy) was used
to quantitatively evaluate and compare the quality of machine translation against a
human reference translation. The findings of the study have shown that ChatGPT
performs impressively well compared to Google Translate (GT). However, the



quality of ChatGPT translation cannot be compared with human translation. In a
similar vein, Khoshafah (2023) investigates the translation accuracy of ChatGPT
3.5 by comparing its outputs with professional translations of some texts from Ar-
abic into English. The findings of the study have shown that even though ChatGPT
can generally provide accurate translations, it may encounter some problems in the
translation of some genres such as legal documents and medical reports. Similarly,
Zayed and Nuirat (2024) assess the quality of the ChatGPT translations for some
media texts that have been translated from Arabic into English. The study has also
analysed the strategies used by professional translators during post-editing. The study
has concluded that ChatGPT translations of media texts need to be post-edited by
human translators. Addition or expansion, omission or semantic minimization and
play over diction are three common strategies used by translators while post-editing
outputs to enhance the quality and accuracy of translation.

2. Use of MT and Al translations in other languages

Literature abounds with a considerable number of studies on the use of various
machine translation (MT) systems (rule-based, statistical, neural) and the recently
generative Al-models such as ChatGPT in translation between various languages.
Google Translate (GT) as a neural-based machine translation (NMT) system and
ChatGPT as a large language model (LLM) have in particular received some atten-
tion in many empirical studies. Rao et al. (2024) evaluate the translation accuracy
of ChatGPT-3.5 and Google Translate (GT) for medical documents in a number
of languages including Spanish, Vietnamese, and Russian. The study has conclud-
ed that ChatGPT significantly outperformed Google Translate (GT) in Spanish
translations, with fewer errors (3.8% vs. 18.1% incorrect sentences). In contrast,
Google Translate (GT) provided better translations for Vietnamese (10.6% vs.
24.2% incorrect sentences). On the other hand, both tools struggled with Russian
(35.6% vs. 41.6% incorrect sentences, respectively). ChatGPT introduced more
severe errors in some cases, including fabricated content. The study concludes that
while ChatGPT shows promise for Spanish translations, it remains unreliable for
other languages and should not replace professional translators. Likewise, Jiang et
al. (2024) explore the effectiveness of ChatGPT (versions 3.5 and 4.0) in evalu-
ating Chinese-Portuguese translations. Using human and machine translations of
political texts and classical Chinese poems, the study employed holistic scoring and
comparative judgment methods to compare human and artificial intelligence (Al)
evaluations. The findings reveal that ChatGPT 4.0 demonstrates high potential. It
aligns closely with human assessments, especially in scoring accuracy and ranking
consistency. However, challenges such as stability and occasional inconsistencies
underscore the need for human oversight.



By the same token, Koh (2023) investigates the effectiveness of ChatGPT in
translating Korean to English, using the film Minari as a case study. The study
highlights the strengths and limitations of ChatGPT’s translations, comparing them
with human translations. While ChatGPT excels in speed and provides translations
close to human-like fluency, it often struggles with cultural nuances, idiomatic
expressions, and context-specific meanings.

3. Use of LLM in post-editing

The literature also includes many studies that tackle the vital role of large lan-
guage models (LLMs) in enhancing the quality of machine translation (MT) and
post-editing tasks. For example, Macken (2024) explores the use of ChatGPT in
post-editing English-to-Dutch machine translations of literary texts. The study com-
pared ChatGPT’s post-edited outputs with those of professional literary translators.
It concludes that ChatGPT makes more extensive edits than human editors. While
such edits can enhance lexical richness, the programme often introduces errors
and deviates from the source text’s intended meaning. Thus, ChatGPT automatic
post-editing is not yet a substitute for professional literary human translation despite
its great potentials. Similarly, Ki and Carpuat (2024) explore the extent to which
large language models (LLMs) can enhance machine translation (MT). The study
underscores the significance of leveraging external feedback, specifically Multidi-
mensional Quality Metric (MQM) annotations, to refine machine translation (MT)
outputs. Using LLaMA-2 models, the study examines prompting strategies and
fine-tuning techniques to improve translation quality. While prompting alone yields
moderate improvements, fine-tuning significantly enhances machine translation
(MT) accuracy by better integrating fine-grained feedback. Experiments conducted
on Chinese-English, English-German, and English-Russian datasets demonstrate
that this approach improves key translation quality metrics, such as TER, BLEU,
and COMET scores. However, the study finds that while fine-grained feedback is
beneficial, its effectiveness depends on how well large language models (LLMs)
utilize it. The study recommends the combination of large language models (LLMs)
with supervised machine translation (MT) to address quality inconsistencies across
languages and translation directions.

4. Use of LLMs in translator training

In the context of translator training, Fan et al. (2023) explore how ChatGPT is
reshaping translation education. It highlights the tool’s potential in promoting per-
sonalized teaching, enhancing autonomous learning, and innovating teaching man-
agement. However, the study also addresses challenges, including ethical concerns,



data security risks, and the potential weakening of teacher-student relationships. The
study proposes strategies to harness ChatGPT’s benefits while mitigating its risks,
emphasizing the importance of teacher involvement, ethical education, and digital
literacy. Furthermore, Sahari et al. (2023) compared the attitudes of both teachers
and students of translation towards the use of Google Translate (GT) and ChatGPT
while translating Arabic texts into English. The findings of the study revealed that
while students preferred ChatGPT over Google Translate (GT), teachers favoured
the latter.

5. Strengths and limitations of LLMs

Peng et al. (2023) explore the capabilities ChatGPT can bring to machine trans-
lation (MT) with special focus on temperature settings, task-specific prompts (TSP),
and domain-specific prompts (DSP). The findings of the study show that a lower
temperature improves translation performance, and in particular in complex or low-
resource languages. task-specific prompts (TSP) and domain-specific prompts (DSP)
enhance ChatGPT's translations as they provide more precise task and contextual
domain instructions. In doing so, they may mitigate issues like hallucinations in
non-English-centric tasks. The findings have also shown that advanced in-context
learning strategies like few-shot learning can boost performance. However, the
Chain-of-Thought (CoT) approach may degrade it by promoting word-by-word
translations. Hence, prompt engineering plays a critical role in the optimization of
ChatGPT in machine translation (MT).

Despite their capabilities, some limitations of large language models (LLMs) have
been identified in some studies. Siu (2023) explores the capabilities and limitations
of ChatGPT and GPT-4 in the translation industry. These two models and similar
counterparts offer some advantages such as speed, versatility, and cost-effectiveness.
However, their outputs often require human oversight to ensure quality. The study
underscores the importance of integrating these tools into workflows. It also em-
phasizes the significance of human expertise in achieving high-quality translations.
Contextual clarification, cultural explanation, and technical simplification might be
necessary to maintain quality. In another study, Siu (2024) explores advancements
in artificial intelligence (Al) translation technology, with special focus on neural-
based machine translation (NMT) and large language models (LLMs). It discusses
the technical foundations of these models, such as the transformer architecture, and
evaluates their strengths and limitations in translation tasks. The study highlights
large language models’ potentials to support translators with contextual understand-
ing and domain adaptation while cautioning about issues like hallucinations and
domain-specific limitations. In a recent study on the pros and cons of large language
models (LLMs), Lee (2024) examines the profound impact of advanced artificial



intelligence (Al), particularly large language models (LLMs) like ChatGPT, on the
field of translation. Despite not being specifically designed for translation, these
models have achieved a level of technical sophistication that rivals or surpasses
dedicated systems such as Google Translate (GT) and DeepL. This advancement
challenges traditional translation practices and the professional identity of trans-
lators. Lee proposes a posthumanist perspective, suggesting that viewing artificial
intelligence (Al) as an extension of the translator's cognitive abilities can broaden
the scope of translation skills, modes, and media, thereby redefining the translator's
role in the digital age.

Thus, the surveyed studies highlight the rapid advancements in machine trans-
lation (MT) and large language models (LLMs). They underscore the increasing
role of these tools in translation across different language pairs. Research has
confirmed that large language models (LLMs) and in particular ChatGPT has out-
perform neural-based machine translation (NMT) systems in terms of fluency and
contextual accuracy. This is partially attributed to the vast datasets large language
models (LLMs) utilize. However, large language models (LLMs) may fall short in
the translation of some text types more than others. Empirical research has demon-
strated that large language models (LLMs) have remarkable potential in the field
of translation and at the same time they have many limitations and the encounter
various challenges including hallucinations, inconsistencies in low-resource lan-
guages and difficulties in rendering culture-specific nuances. Moreover, research
has raised some concerns regarding ethical considerations, translation fidelity, and
the impact on professional translation workflows. Additionally, many studies seem
in agreement that large language models (LLMs) improve productivity and accuracy
in post-editing translation tasks. They also offer innovative applications to be used
while training future translators and interpreters. A key takeaway from the above
studies is that the outputs of these systems should not be accepted blindly. The
intervention of human translators remains essential to ensure accuracy, coherence,
and cultural appropriateness.

These limitations and concerns of large language models (LLMs) necessitate
a balanced approach to the integration of Al-driven tools with human expertise.
Undoubtedly, large language models (LLMs) have revolutionized the translation
industry by enhancing productivity, efficiency and accessibility, but they should
be used as supplementary tools, not a replacement for human translators and/or
educator, especially in contexts requiring ethical, cultural and contextual sensitivity.



THEORETICAL AND METHODOLOGICAL CONSIDERATIONS

To evaluate the translation quality of machine and Al-based translations between
Arabic and English, it seems beneficial to use a theoretical and conceptual framework
that is based on text-typology linguistic models and Mossop’s revising and editing
approach (Mossop, 2001/2014). These theoretical underpinnings are described in
the following sub-sections:

The text-typology model

The text-typology translation model focuses on key textual concepts such as
structure, texture, and context (Mohammed, 2011). The term texture pertains to the
organizational aspects of a text, namely, how various elements of discourse cohere
to form a unified stretch of language and how texts respond to their respective con-
texts. Texture, as Halliday & Hasan (1976:2) explain, “distinguishes [a text] from
something that is not a text... the texture is provided by cohesive relations.”

Over time, various theories on text-typology have been proposed. With the
advent of the pragmatic turn, functionalism has emerged as a critical criterion for
text-typology. Reiss’s (1971) typology (Reiss, 1971/2000) exemplifies a function-
ally oriented approach to text classification. This typology draws upon Biihler’s
(1979) assertion (Buhler, 1979) that “language serves simultaneously to represent
(objectively), express (subjectively), and appeal (persuasively)” (Reiss, 1971:25).
Accordingly, Reiss categorizes texts into distinct types based on these functions,
as follows:

1. Thecontent-focused (i.e., informative) type, which “would include press releases
and comments, news reports, commercial and correspondence, inventories of
merchandise, operating instructions, directions of use, patents specifications,
treaties, official documents, educational works, non-fiction books of all sorts,
essays, reports, theses, and specialized literature in the humanities, the natural
sciences and other technical fields” (Reiss 1971:27).

2. The form-focused (i.e., expressive) type, which includes “literary prose (anec-
dotes, short stories, novellas, romances) and poetry in all its forms (from the
didactic to balladry to the purely sentimental)” (Reiss 1971:35).

3. The appeal-focused or operative type, which includes “all texts in which the
element of appeal is dominant, with advertising, publicity, preaching, propa-
ganda, polemic, demagogy or satire providing either the purpose or linguistic
means of expression” (Reiss 1971:39).



Although Reiss’s model originates from the 1970s, it continues to be a highly
relevant framework in translation studies, translation criticism, and translation peda-
gogy (Mohammed, 2011; Von, 2008). Her text-typology operates on the premise that
each text type necessitates a corresponding and appropriate translation method. For
example, when translating an informative text, priority should be given to achieving
semantic equivalence, followed by attention to connotative meanings and aesthetic
values. Conversely, in translating an expressive text, the emphasis must first be
placed on its aesthetic elements, with the semantic content considered secondary.
In the case of an operative text, the translator’s primary objective is to achieve an
extralinguistic equivalent effect such as persuasiveness while form and content serve
as subordinate considerations (Hatim & Munday, 2004).

The text-typology model discussed above suggests that hybridization between text
types may be unavoidable in some cases (Mohammed, 2011). Hatim (1984, 2001)
and Hatim & Mason, (1990) address the issue of overlapping text types and propose
an alternative text-typology model to account for these complexities. Their approach
includes argumentation (i.e., counter-argumentation and through-argumentation),
exposition (i.e., description, narration and conceptual) and instruction (e.g. contracts,
resolutions, treaties) (Hatim, 2001:179).

A cursory look at many empirical studies that investigate the performance of
machine translation or/and LLM models show that those studies do not give clear
criteria of the texts selected for assessment and the selection is sometimes based on
the preference of authors/researchers. Including various text types in assessments
can provide a clearer picture of the performance of these systems/models across
texts and genres.

In a similar vein, assessing the output of these systems/models should not un-
dermine established theories/models of editing and revising in the filed such as
Brian Mossop’s revising and editing (Mossop, 2014). Mossop's key contribution is
his book titled “Revising and Editing for Translators,” (Mossop, 2001/2014) which
is widely regarded as a valuable resource for translators and editors alike. In this
book, Mossop provides practical guidelines and strategies for editing translations,
addressing various aspects such as style, grammar, terminology, and cultural ad-
aptation. Mossop emphasizes the importance of maintaining a balance between
fidelity to the source text and readability in the target language. He emphasizes the
importance of translations that are both clear and natural, ensuring they effectively
capture the original meaning and intent while respecting the linguistic and cultural
nuances of the target audience.

Mossop’s approach elaborates 12 revision parameters, which categorize the
common types of errors that revisers typically look for (Mossop, 2014, 134-149).
These parameters are organized into four categories: meaning transfer, content, lan-
guage and style, and physical presentation. Each parameter is thoroughly analyzed,



with detailed explanations and practical suggestions on how to address and rectify
specific issues. Table 1 below summarizes Mossop's approach including the various
dimensions of the revision and editing process.

Table 1. Mossop’s revision parameters (Mossop, 2014, 134-149)

Group A Problems of meaning (Transfer)
1 Accuracy Does the translation reflect the message of the source text?
2 | Completeness Have any elements of the message been left out?
Group B Problems of content (Content)
3 Logic Does the sequence of ideas make sense? Is there any nonsense or contradiction?
4 Facts Are there any factual errors?
Group C Problems of language and style (Language)
5 Smoothness Does the text flow: Are the connections between sentences clear? Are the relationships

among the parts of each sentence clear? Are there any awkward, hard-to-read sentences?

6 Tailoring Is the language adapted to the users of the translation and the use they will make of it?

7 Sub-language Is the style suited to the genre, has correct terminology been used, and does the
phraseology match that used in original target-language texts on the same subject?

8 Idiom Are all the word combinations idiomatic? Does the translation observe the rhetorical
preferences of the target language?

9 Mechanics Have the rules of grammar, spelling, punctuation, house style, and correct usage been
observed?
Group D Problems of physical presentation (Presentation)
10 Layout Are there any problems in the way the text is arranged on the page: spacing, indentation,

margins, etc.?

11 | Typography Are there any problems of text formatting: bolding, underlining, font type, font size, etc.?

12 | Organization | Are there any problems in the way the document as a whole is organized: page numbering,
headers, footnotes, table of contents, etc.?

Hence, this chapter qualitatively investigates the machine and LLM translations
of some text types in the light of text-typology models and Mossop’s approach to
revising and editing. That is, the texts used in for assessment are carefully selected
to represent various text types. The first text is an editorial of opinion piece. This
critical commentary explores the experience of an Arab female activist who doc-
umented her participation in a 2011 march to Yemen’s capital, Sana’a, demanding
the regime’s departure. As an expounding text-type, it presents a subjective, argu-
mentative perspective. It critiques the activist’s statements and actions, with special
focus on sensitive religious and societal themes. The critical tone throughout the text
aims to defame and demonize the activist and to persuade readers by highlighting
perceived transgressions against societal norms and beliefs. Hence, it is content-
focused (i.e., informative) text to a great extent.
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The second is a promotional text (i.e., advert). The text is designed to promote a
product, namely, ‘Halal Chicken Fingers’, by emphasizing its quality, compliance with
religious standards, and suitability for specific dietary needs. It aims to inform and
persuade potential customers. It belongs to Reiss’s appeal-focused or operative type.

The third text to be analysed in this chapter is a philosophical and religious
text. It narrates the life of Ahmad Bin Alwan (1208-1266 CE), a notable Islamic
scholar, mystic, and poet. He is considered an influential figure in Sufism and Is-
lamic theology, particularly in Yemen during the Ayyubid period. The text is not
only informative or content-based but also expressive. Finally, the fourth text is a
content-based instructional text in the form of a treaty between two tribes that have
been at daggers for about a decade.

Table 2. provides some details about the texts selected for the study as well as some
statistical details about the parallel corpus such as the tokens of the source texts,
Google Translate (GT) and ChatGPT.

Text-Type Genre Source Text GT ChatGPT Total Tokens
Argumentation Journalistic 297 409 369 1075
Exposition Promotional 72 77 79 228
Exposition Philosophical 272 394 352 1018
Instrument Legal 428 663 464 1555

Figure 1 visualizes these various aspects of the corpus.
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Figure 1. Visualization of the parallel corpus
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The parallel corpus used in the chapter can be found via the following link
https://ske.li/6t4

ANALYSIS AND DISCUSSION

This section investigates the translation quality assessment of both Google
Translate (GT) and ChatGPT for the above texts in the light of Mossop’s revision
parameters in Table 1.

1. Assessment of GT and ChatGPT of text 1.

As stated in the previous section, the first text is a content-focused (i.e., infor-
mative) text but it abounds with various expressive and literary features. A snapshot
of the first text and its Google Translate (GT) and ChatGPT translations is given
in Figure 2.
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Figure 2. A snapshot of text 1 and its translations
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In terms of meaning (i.e., Accuracy and Completeness), the Google Translate
(GT) generally conveys the meaning of the original text. However, there are some
inaccuracies and omissions. There are instances where the translation doesn't capture
the intended meaning accurately. For example, ta ‘altha ‘ala Allah “transcendence
to God” should be translated as “elevation above God,” and lil-mas bi-a-dhat al-
ilahiyyah “harm the divine self” should be translated as “challenging the divine
essence”. In addition, some details and nuances in the original text are not fully
captured in the translation. For example, li-yakhruj ba ‘daha bi-tartq an-nasara wa-
ya ‘tadhir lil-muslimin min tilka al-kitabah has been wrongly translated by Google
Translate (GT) as “But he later took the path of the Christians and apologized to
Muslims for that writing” and “He later apologized to Muslims for that writing” by
ChatGPT. The expression bi-tarig an-nasara which can be translated literally as “The
Patriarch of the Christians’ has been wrongly translated as “The path of Christians’
in Google Translate (GT). In a similar vein, the identity of the sayer is not clearly
articulated in ChatGPT as the pronoun ‘he’, which is used in the translation gives
the impression that the Coptic student himself apologized rather than the Patriarch.

In terms of content (logic and facts), the translation maintains the logical flow
of the original text. As for language and style (smoothness, idiom, tailoring, me-
chanics, and sub-language), the language used in the translation is generally clear
and understandable. However, there are several grammatical errors, incorrect word
choices, and awkward phrasings throughout the translation. The style of the trans-
lation could be improved to enhance readability and coherence. Some examples of
grammatical errors include wa-ma summiyat annaha qa 'idat ath-thawrah “and what
she called the leader of the revolution” which should be rather rendered as “and
who was dubbed as a ' revolutionary leader” to maintain grammatical consistency.
Similarly, lakina al-umiir lam ta ‘ud tayyibah “She is considered kind” should be
“Conditions were no longer kind to us”.
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The translation also includes some instances of incorrect word choices, as we
have stated in the rendition of al-mas bi-dh-dhat al-ilahiyyah, which has been
translated as “harm the divine self” while “challenge the divine essence” is more
appropriate in this context. Many awkward phrasings can be spotted as well. For
instance, wa-r-rabb ash-shakir lam ya ‘ud hadiran ft layl khidar *“The thankful Lord
is no longer present in a cloaked night” is an awkward phrase. A more accurate and
smooth translation would be “The grateful Lord is no longer present in the night
of Khadar”. Similarly, the translation of lakina rabb as-sab ‘in kana mahjiaban bi-
‘aba at as-safir al-amrikt as “But the Lord of the seventies...” is unclear and needs
clarification. The reference is clearly to the former president of Yemen, Ali Abdullah
Saleh and his presidential palace in Al-Sabeen area in Sana’a.

Although Google Translate’s translation attempts to capture the original text’s
meaning, it falls short in accuracy, completeness, language, and style. A revised
version could help address these shortcomings and enhance overall quality. Mean-
while, ChatGPT’s translation shows significant improvement in meaning, content,
language, and style but still exhibits awkward phrasing and errors, particularly in
handling culture-specific terms and expressions. See for instance, the rendition of
layl khidar, mastrat al-hayah, sanat iila thawrah, rabb as-sab ‘tn as well as the ironic
use of some expression, and intertextuality. All these aspects are deeply rooted in
the political context of the Yemeni uprising that took place in 2011, and they are
lost in the ChatGPT translation.

2. Analysis of GT and ChatGPT of text 2

As indicated earlier, the second text is a promotional advertising text. A snapshot
of the corpus is given in Figure 3.

Figure 3. A snapshot of text 2 and its translations
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The parallel corpus above shows that both translations retain the force of the
original text and its function. Examining the problems of meaning (transfer) shows
that the translation accurately reflects the meaning of the source text. Key details
such as the productbeing dhii jawdah ‘aliyah “carefully selected,” tamma ikhtiyaruhu
wa-mu ‘alijatuhu bi- ‘inayah wifgan li-ma ‘aytr al-halal as-sarima “processed under
strict Halal standards,” and khaliyah min ayyi mukawwinat ghayr halal “free from
non-Halal ingredients” are preserved. In addition, no elements of the message have
been left out. The translation covers all aspects, including the quality of the chicken,
halal standards, absence of preservatives, and the texture of the product.

As for the problems of content, the sequence of ideas in the translation is logical
and aligns with the original text. There are no contradictions or inconsistencies.
Besides, there are no factual errors. The translation accurately conveys the product’s
halal certification and preparation details.

In terms of language and style, the text flows well. The connections between sen-
tences are clear, and there are no awkward or hard-to-read sentences. The language
is appropriately tailored for the target audience, which likely includes individuals
looking for halal-certified products. It uses consumer-friendly terminology. The
style suits the genre of food product descriptions. It uses terminology consistent
with marketing texts for food products. Moreover, the translation uses idiomatic
English appropriately. Phrases like muqgarmishah min al-kharij wa-tariyyah min
al-dakhil “crunchy on the outside and tender on the inside” are natural and effective
in conveying the product’s qualities.

Finally, grammar, spelling, and punctuation are correct throughout the text. The
physical presentation is appropriate. The organization of the text is coherent, with
a clear structure that introduces the product, highlights its qualities, and concludes
with an encouraging statement for consumers to enjoy it.

3. Analysis of text 3

The third text to be analysed in this chapter is a philosophical and religious text.
A snapshot of the text and its two translations is provided in Figure 4.
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Investigating the problems of meaning (transfer) in the above parallel corpus
shows that Google Translate (GT) captures the essence of the source text faithfully.
However, some phrases could be refined for clearer expression, e.g., nasha ‘a fi ahdan
ar-ri'asah wa-al- ‘ilm “He grew up in the embrace of leadership and knowledge”
feels less natural than the ChatGPT “He grew up in an environment of authority
and scholarship”. ChatGPT translation is slightly more idiomatic and fluid. For
insatnce, “Ahmad experienced a profound spiritual transformation” conveys the
idea of tahawwala ila tarig at-tasawwuf with more depth and nuance. However,
referring to Ahmad Bin Alwan without an honorific title may seem less respectful,
especially given his status as a knowledgeable and ascetic shaykh.

When it comes to completeness, Google Translate (GT) lacks informativity. Some
cultural and contextual nuances, like the spiritual significance of the pilgrimage,
could be expanded upon for non-native audiences. ChatGPT translation is generally
complete and often provides a more culturally nuanced rendering, such as ziyarah
sanawiyyah “an annual pilgrimage” instead of just “annual visit”.

In so far as the content of both translations is concerned, logical sequence is
preserved in Google Translate (GT), but some translations feel mechanical, e.g.,
lazima al-khalwahwa-al- ‘ibadah “He remained in seclusion and worship” is straight-
forward but lacks fluidity in transitioning to the next sentence. ChatGPT translation
shows stronger logical coherence, e.g., lahu rasa il kathtrah wa-mu allafat jumi ‘at
Ji mujalladat “Ahmad authored numerous letters and works, compiled in volumes”
logically ties the volume content with specific works like al-futiih al-masianah wa-
al-asrar al-makhzanah “Al-Futuh”.

Furthermore, both translations maintain factual accuracy. However, ChatGPT
occasionally provides more context, e.g., al-Qadiriyyah “Qadiriyya” is rendered
with references to “Abdul Qadir Al-Jilani,” providing historical depth.

In terms of language and style, the two translations meet the criteria to a great
extent. The Google Translate (GT) translation flows well but has occasional awkward
phrases. For instance, hada intigaluk ya akha al-ishfag ““Your departure has come, O
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brother of compassion” is direct but lacks emotional smoothness. ChatGPT transla-
tion is generally smoother. For example, “Your departure, O brother of compassion,
grieves me” flows more naturally and emotionally. While Google Translate’s version
is appropriate for a general audience, it lacks adaptation for readers with deeper
cultural knowledge of Yemen or Sufism. ChatGPT translation, on the other hand, is
more tailored for an informed audience, using terminology like “profound spiritual
transformation”. Google Translate (GT) uses general language, suitable for broad
audiences but ChatGPT employs idiomatic expressions and specialized terminology.
For instance, faqad kana yaskulu ft wa ‘zihi tarigat Ibn al-JawzT “His style mirrored
that of Ibn al-Jawzi,” shows a deeper engagement with the genre. While Idiomatic
usage is present in Google Translate (GT), it is not consistent. The use of ‘lamp’
for sirajuna, for example, works but could be more culturally enriched. ChatGPT
translation, on the other hand, displays better idiomatic expressions. For instance,
the use of ‘light’ instead of ‘lamp’ conveys more abstract spiritual guidance. As for
mechanics, both translations maintain correct grammar, spelling, and punctuation,
with no notable issues detected.

The physical presentations of both translations are in order. In Google Translate
(GT), information is organized logically but lacks certain contextual explanations
that might enhance clarity. ChatGPT looks more reader-friendly, as it organizes
content with clear transitions between historical, religious, and cultural elements.

4. Analysis of text 4

To examine the quality assessment of translation across text-types, this chapter
examines Google Translate (GT) and ChatGPT translations of a content-based
instructional text structured as a peace treaty between two tribes that have been in
conflict for nearly a decade. A snapshot of the parallel corpus including the source
legal text, its Google Translate (GT) and ChatGPT translations is given in Figure 5.
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Figure 5. A snapshot of text 5 and its translation
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Examining the issues of meaning (transfer) shows that the output of Google
Translate (GT) is generally accurate, but it occasionally adheres too literally to the
Arabic syntax, which could affect the naturalness in English. For instance, idh ayyu
fardyartakib ayya hadath jina '1*any individual who commits any criminal incident”
could be rendered more smoothly as “any individual who commits a crime”. The
ChatGPT translation, on the other hand, tends to be more idiomatic and precise. For
instance, “the perpetrator will be considered an enemy of their own tribe” provides
a more fluid interpretation of ‘aduww nafsihi and seems more standard in English.
With regard to completeness, both translations convey the key information without
omitting significant details. However, the ChatGPT translation incorporates smoother
explanations of context. For example, ChatGPT translates al- ‘ahd al-muqaddas
li-llahi ta‘ala as “a solemn and binding covenant” which seems more appropriate
than Google Translate’s “a sacred covenant”.

Asfor content-oriented issues, logical sequencing is preserved in Google Translate
(GT), but transitions between ideas are sometimes abrupt. For instance, the trans-
lation of wayutammu taslim al-jant li-1- ‘adalah as “and the perpetrator is handed
over to justice” may require a conjunction or any additional connective expression to
clarify its relationship to the preceding clause. ChatGPT translation seems stronger
in logical flow. For instance, the translation of wa-bimiijib hadha al- ‘ahd tumma
tashkil lujnah dammat kila min as “To ensure adherence and resolve any disputes,
a committee was formed” better contextualizes the purpose of the committee than
the Google Translate's “According to this covenant™.

Both translations reflect factual accuracy. Key historical and procedural elements
are preserved, such as the names of tribal leaders and the legal processes referenced.

The analysis of language and style of the two translations show that Google
Translate (GT) occasionally feels stilted due to literal phrasing. For example, the
translation of muragabatan li-llahi ta ‘ala fima ‘ahidna wa-iltazamna bih as “observ-
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ing God Almighty in what we pledged and committed to”” could be more smoothly
rendered. ChatGPT translation is generally smoother and more idiomatic. For exam-
ple, wa-llahu al-muwaffiq has been translated as “May Allah grant success”, which
flows more naturally than “And Allah is the Grantor of success”. In a similar vein,
while Google Translate (GT) is tailored for a formal and literal audience, it lacks
the refined tone suitable for broader, non-Arabic-speaking audiences. ChatGPT
translation, on the other hand, is better tailored to an English-speaking audience,
providing clearer context for cultural and legal nuances. The sub-language of the
two translations shows that both translations maintain formal and religious tones
appropriate for the subject matter, but the ChatGPT version more effectively captures
legal and cultural subtleties.

The use of idioms in the two translation is acceptable to a great extent. While
Google Translate (GT) sometimes lacks natural idiomatic expression, as seen in
its translation of al-amn wa-al-aman wa-as-salam as “security, safety, and peace”,
ChatGPT renders it more fluidly as “security, peace, and trust”. In a similar vein,
better use of idiomatic English is found in the ChatGPT version. For instance, ‘ahdan
niha iyyan mahdinmanhas been translated as “final and irrevocable covenant”, which
is more apt than the Google Translate’s “a final, destroyed, and fulfilled covenant™.

As for mechanics, both translations adhere to grammatical rules. However, the
ChatGPT translation displays superior punctuation and sentence structure.

No problems of physical presentation are detected. The two translations are good
interms of layout, typography and organization. However, ChatGPT version provides
a more organized flow by contextualizing specific points. For instance, “The final
clause of the covenant is crucial” introduces the key stipulations more effectively.

Hence, while ChatGPT translation is preferable for most audiences as it achieves
better balance between literal accuracy and readability, the Google Translate (GT)
could be more suitable if a strictly formal and literal tone is required.

It is worthwhile to mention that both Google Translate (GT), which represents
neural-machine translation and large language models (LLMs) are progressively
improving. The quality of translations may vary across different attempts due to
ongoing enhancements in these systems. In the case of Google Translate (GT),
improvements stem from translation memories and human feedback, whereas in
large language models (LLMs), variations arise from their generative nature and
dynamic interactions with users. The translation of the above texts can be enhanced
by using proper prompts and training the large language models (LLM) to revise the
translation accordingly. The translation of sensitive expression requires some care.
Machine translation (MT) systems as well as large language models (LLM) will
render the text based on the statistical or the training data available either through
translation memories or knowledge systems but they may end up with a translation
that does not consider the sensitivities of a particular community. Deletion, accom-
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modation, acculturation are all translation strategies that can be employed by the
translators when necessary. A large language models (LLM) needs to be trained on
these strategies or prompted to use them to neutralize some aspects of the text. In
Table 3, a fresh version of Google Translate (GT) and ChatGPT translations of the
first text is provided. It is obvious that both show an improved quality translation.

Table 3. Google Translate (GT) and ChatGPT translations of Arabic

Arabic Google Translate (GT) ChatGPT

& doluiks

Uu*n;‘w&_ﬁi }(:‘ s

I “G3liss 108 57 Cas The political activist, who has been
NS g ) g0 papl The political activist and so-called dubbed the “Leader of the Revolution”
Jeal i) “leader of the revolution” in the city in the city of Taiz, has broken her
1 dp iz i of Taiz broke her silence to begin silence, embarking on a series of writings
g b a s S ldise) her writings, in which she found no that some have seen as an attempt to
gdes “Idde” zd <is pleasure other than her arrogance challenge the divine, specifically “God
gdle szl 58 ace! Jdause towards “God” Almighty and her Almighty.” Her writings have been
I 1Iess” o attempt to touch the “divine self” interpreted as an attempt to undermine
FdId dalqlcel, through her writings. “the divine essence.”

13 el doda iy glac gy

e b 1 zsts Jeeal As soon as she returned from the Shortly after returning from the “March
i Al o310 13 journey of life to begin writing her of Life,” she began writing an article
FOs0D o e sl article, which she titled “The First titled “First Year of Revolution”. In
e s a7 [T Year of the Revolution,” she went this piece, she seemed to transition
Eor s < 2l g0 beyond religion to “atheism” in her from discussing religion to embracing
1o 1des i1y article. “atheism.”

«_ﬂd\ds_: g_ié 53 )

10l el i She said in her fourth paragraph:

Aol g % Iass “Things were all good, ‘a good town | In the fourth paragraph of her article, she
som geisy” Jdg W ies and a forgiving Lord,” but things wrote: 'Everything was fine — 'a good
dp g bgeie 5ld were no longer good, and the grateful land and a forgiving Lord' — but things
1l 5y Ja sg 2 loall Lord was no longer present in the are no longer fine. The grateful Lord is
G dsd gl L@y dark night... God left us to manage no longer present in the night of despair...
10 G fasuole s our affairs, and we were unable to The Lord left us to manage our own
Qo oy ot d Gise do anything in the face of our human | affairs, and we found ourselves powerless
lala &z 50! 1y inability.” in the face of human frailty.'

ol Bl Cags celss

bos 1B e “se s a0 She also said at the end of the same Later in the same paragraph, she added:
J Sze bd oy g | paragraph: “And merciless eyes peered 'Unforgiving eyes watch from afar

g ol sldaalisd from afar, the military, the tribes, the — the military, the tribes, the hostile
SMdsiss 1ag acsse sldds hostile environment, and God who environment, and God, who no longer
13 JV gl .. does not see us...” sees us...

continued on following page
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Table 3. Continued

Arabic

Google Translate (GT)

ChatGPT

salde s g
[P Uu‘.k._:&s;
“Ady o o so
Ay eCG}A._:r%k._I\;E
Uu*—"té) Ui(.‘_)égﬂ‘é‘
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|J(au2s"_: JH_‘”

And she said at the beginning of her
seventh paragraph: “But the Lord of
the seventies was hidden by the cloak
of the American ambassador, and
by the statements of the trembling
politicians, and by the supplications of
the leaders of the Joint Parties.”

In the seventh paragraph, she wrote:
'‘But the Lord of Seventy Square was
veiled by the cloak of the American
ambassador, by the trembling statements
of politicians, and by the prayers of
opposition leaders.'

i I s i
A i b sdd
el “ szl de
Gk 1o s Talasa
Jlod a5 Jig 10
£

Then she said in the same paragraph
and before its end: “And when you
could not cry in front of them because
you were oppressed, because God let
you down,”

Before concluding that paragraph, she
remarked: 'And when you couldn't
cry in front of them because you were
oppressed, because God abandoned

you...

gﬂel Slde i “T‘J‘L_SB
gyl 1l g B
“ddocs sogp e
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e e b e
1Jde =g a8
o xs”

As she said at the beginning of her
ninth paragraph: “But despite this
wonderful journey, I feel a great
disappointment as great as God sitting
on my chest.”

At the start of the ninth paragraph, she
expressed: 'Despite this remarkable
journey, I feel an overwhelming sense of
disappointment, as vast as God, weighing
heavily on my chest.'

Ui 1dachs 10
clsde g oa 1dsss
s \dwlcﬁ Uéwés
Spass ! ) wladls
Bspesd sB3le® Sy s de
g&)é gz acee
1dis £ Bl 1dys o
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Bushra Al-Magqtari, who tried Some
forces in the Yemeni arena portrayed
her as a national heroine and a
revolutionary leader, and none of them
have yet addressed her beliefs, which
she has soon made clear to everyone,

Bushra al-Magqtari, who some forces
in the Yemeni arena have tried to
portray her as a national heroine and
revolutionary leader, has openly revealed
her beliefs.

r:A"_IE 1983 iOa\ C—‘&@U:
sosb i@ asda
PRS0 G dos o
Il Qldaum I
lJ)daés Iy Ue&C_‘[,a\u
1losdlass.

Ignoring the fact that she lives among
a Muslim and religious people who
reject the slightest idea of harming the
divine or Islamic beliefs.

She seems to disregard the fact that she
lives in a deeply religious and Muslim
society that vehemently rejects any
affront to the divine or Islamic beliefs.

s auas I
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In Egypt, Muslims burned the homes
of Copts because a Coptic student
dared to attack the Messenger of
Humanity, “Mohammed, peace be
upon him,” by writing an article on his
Facebook wall.

In Egypt, Muslims burned Coptic homes
after a Coptic student dared to insult the
Prophet Muhammad (peace be upon him)
by writing a post on his Facebook wall.

continued on following page
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Table 3. Continued

Arabic Google Translate (GT) ChatGPT

disg oz gl wboss

doual s sy He then came out in the Christian way

Jdeudes po and apologized to Muslims for that He later issued a public apology to
1Jels ss73) a0 1Jaus | writing and warned against harming Muslims and warned against offending
g i3I audags . Muslims’ beliefs. their beliefs.

Iy ol zadi o)) s

1saw o9 g ddum 13 da However, what happened in Yemen is
<y o 1dupals s But what happened here in Yemen quite the opposite: this affront did not
Il slopl ao) is the opposite, as it was not from come from a Christian or a Copt but
el [ g zdayl Christians or Copts, but from us and from one of our own, someone from
JOBar i gl our own people to disparage our our community, who chose to attack our
Idloadlagss Islamic beliefs. Islamic beliefs.

From our analysis of the translation quality of both Google Translate (GT) and
ChatGPT so far, we can safely argue that the quality of translation of these systems
has improved even though they still encounter some problems depending on text
types. This finding is in line with those findings of other studies such as (Chaima,
2024; Shokoohifar, 2024). The translation complexity across the above text types
may differ based on a number of criteria including accuracy (Oncii & Kutlu, 2024),
cultural sensitivity (Mohammed et al., 2024; Mohammed, 2023), smoothness, idiom-
atic fluency (Hamood, 2024), and contextual adaptation (Tomenchuk & Popovych,
2024). Legal and technical texts, for instance, require strict adherence to specific
terms and concepts to avoid any ambiguity. In addition, these texts rely on formal,
structured language, which leaves little room for interpretative flexibility. Machine
translations often struggle with maintaining exact phrasing while ensuring readability.
Moreover, some terms have multiple meanings based on legal or technical contexts.
This need for precision and lack of idiomatic flexibility make these texts difficult
for machine translations, as even small inaccuracies can alter meaning significantly
(Bajci¢ & Golenko, 2024; Moneus & Sahari, 2024). Religious and philosophical Texts
pose several problems for both machine and human translators due to their cultural
sensitivity, emotional tone and expressive language that abounds with ambiguity
and symbolism. The translation of these text requires deep knowledge of religious
traditions and historical context. The translation of the text about Ahmed Bin Alwan
shows that preserving reverence, depth, and symbolic meaning is complex. The two
translations fall short to balancing literal accuracy with idiomatic fluency (Ghozali
et al., 2024; Swargiary, 2024). Commercial and marketing texts, on the other hand,
pose less problems. That does not mean, however, that machine translation (MT)
and large language models (LLMs) can render all aspects of a text. Marketing texts
aim to be persuasive and engaging, which requires a creative translation approach
to maintain appeal across cultures. Some terms like “crispy on the outside, tender

22



on the inside” involve sensory and emotive language that machines often translate
literally, losing their impact. In addition, the tone and style must be adapted to
target audiences, which machines sometimes struggle with. Yet, these texts are
less rigid in structure, allowing for more flexible translations, making them easier
for machines compared to legal or religious texts (Tomenchuk & Popovych, 2024;
Xiang, 2024). Narrative/Journalistic Texts range in their difficulty from moderate
to high as these types of text require smooth transitions and logical progression,
which machines occasionally render awkwardly (Guerberof-Arenas & Toral, 2022;
Hadley et al., 2022; Hu & Li, 2023). For instance, the subtle implications, such as
criticism embedded in the activist’s remarks, require contextual awareness to trans-
late effectively. Another challenge lies in maintaining the original tone, whether
critical, neutral, or supportive. Hence, while journalistic and narrative texts are not
as rigid as legal texts, they still require contextual and stylistic accuracy to convey
the intended message properly.

In Figure 6, we attempt to compare the unique challenges of each text type on a
complexity scale ranging from low to moderate to high and very high.

Figure 6. Complexity ranking of text types.

Complexity Ranking of Text Types for Machine Translation

Religious & Philosophical Texts

Legal & Technical Texts

Text Types

|ournalistic/Narrative Texts

Commaercial & Marketing Texts

L Moderate High very High
Complexity Level (Higher is Mare Complex)

The bar chart above visualizes the complexity ranking of different text types used
in this chapter for machine translation (MT) and large language models (LLMs).
Religious and philosophical texts rank as the most complex, as they require high
cultural sensitivity and nuanced interpretation. Legal and technical texts follow
closely, because these texts require precision and formal structure. Journalistic/
narrative texts fall in the middle, because their translation needs to balance tone



and logical flow. Commercial and marketing texts are the least complex, because
they offer more flexibility and creative freedom.

Hence, despite the tremendous advancements in machine translation (MT) and
large language models (LLMs), improving accuracy, fluency, and adaptability across
diverse text types should be prioritized. Enhancing these systems requires a number
of strategies including the incorporation of multiple domain-specific models (Gahoi,
2023; Zhang et al., 2021), the use of context-aware translation (Peng et al., 2024;
Rauf & Yvon, 2020), the consideration of linguistic and cultural sensitivity (Dong,
2023; M Crisostomoetal.,2022), the enhancement of post-editing tools (Kim, 2024),
the identification of errors by leveraging feedback loops and investment in Human-
in-the-Loop Systems (Mosqueira-Rey et al., 2023; Wu et al., 2022), the use of data
augmentation techniques and transfer learning in low-resource languages (Latief
et al., 2024; Ranathunga et al., 2023), the development of multimodal translation
(Sulubacak et al., 2020; Yao & Wan, 2020) among others.

CONCLUDING REMARKS

This chapter has examined the use of neural-based machine translation systems
(NMT) and, in particular, Google Translate (GT) and large language models (LLMs)
such as ChatGPT in Arabic-English translation. The chapter delimits itself to certain
text types in line with text-typology models. In particular, the chapter investigates
the Google Translate (GT) and ChatGPT translations of argumentation within
journalistic texts, exposition within both promotional and philosophical genres, and
instrumental texts within the legal genre. This focus on diverse text types allows
for a comprehensive evaluation of the translation performance of these systems
across different communicative purposes and stylistic demands. The translations
from Google Translate (GT) and ChatGPT have been analysed on the basis of
Mossop’s parameters of revising and editing in translation. That is, the translation
quality assessment of the outputs covered problems of meaning transfer, content,
language and style as well as presentation. While some texts, such as journalistic
or promotional ones, might appear easier to translate, this is not always true. The
hybridity of genres can complicate the translation process. For instance, a narrative
text about a scholar may present few challenges for tools like Google Translate (GT)
or ChatGPT. However, when the text becomes more expressive, poetic, or rich in
intertextuality and culture-specific concepts, it often exceeds the capabilities of
machine translation, leading to significant inaccuracies. Our analysis has shown that
some aspects of texts such as allusions and irony in journalistic text, visual aspects
in a promotional text, culture-specific and religious concepts in a philosophical
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text as well as some presentation and structural aspects of the legal texts are lost in
Google Translate (GT) and ChatGPT translations.

However, we need to acknowledge the fact that machine translation (MT) sys-
tems continue to improve with advancements in artificial intelligence and training
data availability. Yet, human translators are still essential for handling text types
that require cultural understanding, creative adaptations, and linguistic expertise to
ensure accurate and nuanced translations.
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